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Abstract 

Title of Dissertation: Examination of Social Exclusion as a Construct and Its Impact on Mortality 

and Survival Time among Older Adults 

Joonyup Lee, Doctor of Philosophy, 2020 

Dissertation Directed by: John G. Cagle, Ph.D. and Bruce DeForge, Ph.D. 

 

Although social exclusion may be an important predictor of mortality, there is a lack of empirical 

evidence on the impact of social exclusion on mortality/survival time among older adults in the 

U.S. The study reported in this dissertation examined the effects of social exclusion on mortality 

and survival time using a nationally representative sample of adults over 50 years of age. The 

primary goal was to better understand how social exclusion affects mortality and survival time 

among older adults. Data were drawn from the 2010 and 2014 Health and Retirement Study (core 

wave, exit wave, and psychosocial supplement) and focused on older adults aged 65 years or older 

(8,439 participants). Social exclusion indicators were based on previous conceptual and empirical 

frameworks, and a total of 21 possible indicators were measured. On the basis of correlation 

analyses, three indicators were excluded due to very low correlation coefficients or statistical 

nonsignificance. The remaining indicators nested in four social exclusion domains (material 

resources, social, health, and community). Average inter-item correlations supported the reliability 

of the remaining 18 indicators, and multiple regression models supported the validity of the four 

domains. The results of a Cox regression model revealed that the material resources domain had a 

higher influence on mortality than did the other three domains. Six individual indicators (wealth, 

car availability, social activity, social membership, self-rated health, and disability) were associated 

with mortality, adjusting for demographic variables. Kaplan–Meier survival analyses based on 



each indicator showed that all social exclusion indicators were significantly associated with 

survival rate with the exception of social support, city/town satisfaction, and neighborhood safety. 

The findings from this dissertation indicate that social exclusion affected mortality and survival 

time among older adults in the U.S. However, not all indicators were associated with mortality 

and survival time. The results of the dissertation imply that policies can be modified to improve 

social participation and access to transportation and that multidimensional services or 

interventions focusing on the more influential social exclusion indicators are needed (e.g., 

connecting resources, facilitating social connections). Further, there is a need to reconcile the 

differences between conceptual and empirical domains/indicators.  
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Chapter 1. Introduction and Literature Review 

Contributors to mortality among older adults, such as disease and disparities in 

health care, are generally well documented in the literature (Kochanek, Murphy, Xu, & 

Tejada-Vera, 2016; Price, Uauy, Breeze, Bulpitt, & Fletcher, 2006). However, few 

studies have examined the impact of social exclusion on mortality and the relationships 

between various elements of social exclusion and mortality among older adults. Thus, the 

complexities of social exclusion and their impact on mortality are not fully understood 

(Saito, Kondo, Kondo, Ojima, & Hirai, 2012).  

Social exclusion is a dynamic process by which individuals, groups, or 

populations are marginalized from opportunities and rights that affect advancement (e.g., 

employment, social relationships, economic status) in society. Although there has been 

extensive work on the components of social exclusion on mortality, to date, there has 

been little research on the link between the composite concept or measurement of social 

exclusion and mortality in the United States.  

Problem Statement and Background 

Social exclusion problems result from mutually linked (and sometimes combined) 

issues such as economic troubles, lack of social participation, poor health, lack of or 

inability to access community resources, and poor personal safety. These problems can 

create a so-called “vicious cycle” of systematic exclusion and impoverishment (Social 

Exclusion Unit, 2001). Social exclusion is a global problem affecting millions of people. 

For example, it is estimated that at least 120 million people in the European Union are at 

risk for social exclusion (Kvist, 2016). Also, economic and social models in the United 

States (e.g., based on a competitive labor market) are related to substantial levels of 
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social exclusion, including income inequality, high rates of poverty, disparities in 

educational attainment, poor health, and high rates of crime (Schmitt & Zipperer, 2006).  

In terms of mortality, there are important and influential underlying contributors 

such as low socioeconomic status (SES), disadvantage, lower social class, and inequality 

(Mathieson et al., 2008). Given the complex constellation of factors that contribute to 

health outcomes and mortality, the concept of social exclusion provides a comprehensive 

perspective for examining contributors to mortality, longevity, and health. Also, the 

social exclusion literature provides a new perspective from which to tackle social 

problems that cannot be explained through social disadvantage (i.e., personal conditions 

or experiences such as lower wealth, power, or prestige; homelessness; and incarceration 

(Bryant, Ellard, Howard, & Treloar, 2017; Lee & Hicken, 2013)) or poverty alone. Thus, 

studies that deal with social exclusion are promoting a paradigm shift that goes beyond 

traditional poverty and disadvantage research, because social disadvantage and poverty 

alone do not account for many of the social/relational contributors to mortality and 

survival time. 

According to the Centers for Disease Control and Prevention (CDC), chronic 

diseases—such as heart disease, cancer, and lung disease—are the leading causes of 

death in the United States (Kochanek et al., 2016). The CDC reported that in 2014, 

approximately 2.6 million individuals in the United States died, and life expectancy for 

the general U.S. population was estimated to be 78.8 years (Kochanek et al., 2016). When 

it comes to social contributors to mortality, people living in poverty—a component of 

social exclusion—have lower life expectancy than do those who are not (Castelló‐

Climent & Doménech, 2008; Singh & Siahpush, 2014). Similarly, Kalwij, Alessie, and 
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Knoef (2013) examined remaining life expectancy at age 65 and reported that low-

income older adults have 2.5 years lower life expectancy than do high-income older 

adults. Despite the fact that social exclusion and its components are likely linked to 

premature death, the concept of social exclusion has not received much scholarly 

attention. However, some elements of social exclusion—such as volunteering status, 

social connections, SES, and quality of life—have been studied in the United States and 

their linkages with mortality were well documented (Brown, Thompson, Zack, Arnold, & 

Barile, 2015; Liu, 2011; Musick, Herzog, & House, 1999; Sautter, Thomas, Dupre, & 

George, 2012). Thus, the composite measure which is likely to be linked to mortality is 

needed.  

Past research on social exclusion has focused largely on working-age populations; 

however, given the prevalence of major life events and role changes in older adulthood 

(e.g., retirement, bereavement, medical conditions, caregiving), elders may be at greater 

risk for social exclusion. Per the life course framework, older adults face significant 

transitions and turning points that may complicate coping and social connections. “A 

transition is a change in state(s), an entry and exit to a role,” and a turning point is “a 

substantial change in the course of a behavior trajectory” (Silver, 2007, p. 11). These 

transitions and turning points are informed by unique trajectories, personal histories, and 

social institutions (Silver, 2007).  

In addition to the life course framework, role theory also provides a conceptual 

backdrop for understanding why social exclusion is especially relevant among older 

adults. According to role theory, people perceive themselves as purpose-motivated social 

beings through the carrying out of meaningful roles in society (Hooyman & Kiyar, 2008). 



 

 4 

Social roles are often linked with age or age-related social norms, which are “established 

by assumptions about age-related capacities and limitations” (Watkins, 2009, p. 4). For 

example, the role of the volunteer may be typically associated with retired older adults 

more so than with working-age adults (Morrow-Howell, 2010). However, older 

adulthood is a life phase that frequently involves losing core roles (e.g., retirement, loss 

of partner due to death of a spouse). Loss of significant roles can have a negative effect 

on social identity and self-esteem among older adults (Hooyman & Kiyar, 2008). Thus, 

loss of these roles in one’s later years may be related to social exclusion. In this sense, 

older adults may be more likely to experience social exclusion due to age-related life 

events (MacLeod, Ross, Sacker, Netuveli, & Windle 2019), economic disadvantages, 

environments that are not “age friendly,” and social norms that place greater value on 

young and middle-age adults (Scharlach & Lehning, 2013).  

According to Kneale (2012), although age is not typically considered a 

component of social exclusion, there is evidence that it is associated with social exclusion. 

Barnes, Blom, Cox, and Lessof (2006) examined the social exclusion status among older 

adults in the United Kingdom, measuring seven social exclusion dimensions: social 

relationships, cultural and leisure activities, civic activities, basic services, neighborhood 

exclusion, financial products, and material goods. These authors estimated that 49% of 

older adults in the United Kingdom were excluded in at least one of the dimensions. The 

oldest old (age 80+) were more likely to be excluded from material goods, basic services, 

and social relationships than were other older age groups. However, due to differing 

policies, perspectives about social problems, and political situations, these results from 

the United Kingdom cannot be generalized to the U.S. population of older adults. 
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 Although the components of social exclusion have been studied with mortality, to 

date there has been a lack of research on the relationship between social exclusion and 

mortality, particularly among older adults in the United States. Because there is no 

consensus definition of social exclusion, nor an agreed upon set of indicators for the 

construct, it is difficult to operationalize and examine the relationship between social 

exclusion and mortality among older adults. Thus, a valid definition and a clear 

operationalization are required to understand social exclusion and to examine the 

relationships between it and mortality/survival time. For the purpose of this research 

study, social exclusion is defined as interrelated disadvantages (e.g., limited resources, a 

lack of social/civic participation, poor quality of life) that contribute to marginalization of 

the individual and that negatively influence opportunities for advancement. 

Understanding Social Exclusion  

Complex poverty problems gave rise to the study of social exclusion in the mid-

1960s in France (Choi, Kang, & Kim, 2009). Poverty and economic disadvantage are 

deeply intertwined with other social problems such as mental and physical health. As a 

result, scholars and policymakers have begun to recognize the complexity and 

interdependence of issues related to economic disadvantage and the fact that poverty does 

not occur in a vacuum (Golin et al., 2017). Thus, a broader and more comprehensive 

perspective is needed. Solely economic- or poverty-based approaches cannot resolve 

multidimensional social problems; researchers and policymakers should also consider 

social aspects. Research should also examine the interrelationships among the economic 

and social aspects of social problems and consider the need for multifaceted approaches 

to deal with the multidimensionality of those problems. 
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Inconsistency of social exclusion definition. As previously mentioned, there is 

no consensus definition of social exclusion. This may be attributable to the fact that the 

term is used in the field of social policy research, and, thus, definitions vary from country 

to country due to differing social policies and structures (Lucas, 2012).  

Levitas et al. (2007), from the United Kingdom, defined social exclusion in a 

relatively comprehensive way. The term social exclusion indicates (a) “a lack or denial of 

resources, rights, goods and services” and (b) “the inability to participate in normal 

relationships and activities, available to the majority of people in a society,” such as in 

economic, social, cultural, and political arenas (Levitas et al., 2007, p. 9). That is, social 

exclusion is a multifaceted, ever-changing process that hinders access to social, economic, 

political, and cultural participation and opportunities.  

Scutella, Wilkins, and Horn (2009b) provided a social exclusion definition from 

Australia. The Australian government has used a European definition of social exclusion 

indicating “the range of dimensions which marginalise people and reduce their 

opportunities to engage in social or political life” (Scutella et al., 2009b, p. 7). In addition, 

the authors emphasized that the cumulative impact of lack of resources limits integration 

in society and leads to intergenerational transfer of disadvantage.  

Kneale (2012), from the United Kingdom, proposed that social exclusion is a 

multifaceted concept based on risks of poverty or material disadvantage (e.g., low income, 

monetary deprivation). However, this definition may not explain multidimensional 

characteristics of social exclusion. On the basis of a U.K. sample, Walker and Walker 

(1997) defined social exclusion as “a dynamic process [in which] . . . people are shut out 

from social, economic, political, and cultural systems” (p. 8). The authors also argued 
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that social exclusion is different from traditional static conceptualizations of poverty. 

Social exclusion extends beyond simple economics to include indicators such as health, 

social participation, and civic engagement. Also, these indicators continuously affect 

individuals and their social exclusion status. Thus, social exclusion incorporates 

economic aspects (e.g., poverty, material disadvantage), social aspects (e.g., social 

participation, civic/political engagement), and health aspects. Also, Reay and Lucey 

(2004) provided detailed aspects to define social exclusion using the U.K. data. Reay and 

Lucey (2004), quoting Madanipour and colleagues (1998), provided that social exclusion 

is “a multi-dimensional process, in which various forms of exclusion are combined” (p. 

35), for example in the areas of political participation, employment, material resources, 

and integration into cultural processes. 

Inoi, Nishiwake, and Doi (2017), from Japan, defined social exclusion as “the 

process in which individuals or entire communities of people are systematically blocked 

from (or denied full access to) various rights, opportunities and resources” (p. 4220). This 

definition focuses on process and relational aspects in society.  

In summary, although social exclusion has been defined in different ways, the 

diverse definitions have had common characteristics. Existing definitions have 

emphasized characteristics such as multidimensional disadvantages, relational aspects, 

and dynamic processes.   

Distinctive characteristics of social exclusion. Social exclusion in modern 

society is based on social disadvantage and limited access to resources. However, social 

exclusion has distinctive characteristics making it different from social or economic 

disadvantage. 



 

 8 

Social exclusion and social disadvantage. Social disadvantage is conceptually 

very similar to social exclusion. Social disadvantage, unlike social exclusion, has been 

widely studied in the United States. On the other hand, social exclusion is widely used in 

the European countries such as the U.K. and France. It indicates that social exclusion has 

rarely received scholarly attention in the U.S. According to Lucas (2012), social 

disadvantage is a key element of social exclusion. However, like social exclusion, social 

disadvantage has been defined in a variety of ways. For example, social disadvantage has 

been defined as being a member of a racial or ethnic minority (La Noue, 2012) and as 

being the subject of prejudice or discrimination (Kopel, Phipatanakul, & Gaffin, 2014). 

Also, to explain social disadvantage, some scholars have emphasized social hierarchies 

defined by personal conditions such as lower wealth, power, or prestige (Lee & Hicken, 

2013) and individual experiences such as homelessness, incarceration, trouble with work 

or school, and low social support (Bryant et al., 2017). Although social disadvantage, 

while being inconsistently defined, includes social components and it focuses slightly 

more on personal identity, experience, and status than social exclusion. Thus, social 

exclusion may be considered as a broader multidimensional term which includes some 

aspects of social disadvantage, while having other unique characteristics. 

Measures of social disadvantage have also been inconsistent. Traditionally, 

attempts to measure social disadvantage have primarily focused on resource-based, more 

particularly income-based, measures (Scutella, Wilkins, & Kostenko, 2009a). Generally, 

measures for social disadvantage include economic resources, occupation-based social 

class, and education (de Castro, Gee, & Takeuchi, 2010; Foth, Manaugh, & El-Geneidy, 

2013).  
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However, social exclusion has social and relational aspects. For example, physical 

disability, which is more common among older adults than younger age groups, may be a 

factor in social exclusion and social disadvantage. According to a social exclusion 

perspective, opportunities for functionally impaired individuals may be limited (either 

intentionally or unintentionally), effectively shutting these individuals out from social 

and civic participation. Thus, social exclusion emphasizes social and relational aspects, 

which are created by physical disability. However, if people with physical disability are 

socially supported and are using social resources, they might not be considered socially 

excluded. In contrast, social disadvantage focuses more on personal identities or 

experiences (Bryant et al., 2017; La Noue, 2012) than on social exclusion. That is, from a 

social disadvantage perspective, the social and relational effects of physical disability 

may have received less attention.  

According to Lucas (2012), social exclusion consists of elements of both social 

disadvantage and inaccessibility (e.g., to services, social networks, life chances). At the 

individual level, social disadvantage can create obstacles to opportunities and rights, and 

vice versa. The cycle between social disadvantage and inaccessibility of services, 

resources, opportunities, and social/civic participation creates social exclusion. 

Components of social disadvantage and inaccessibility do not necessarily indicate social 

exclusion by themselves. For example, it is possible to be socially disadvantaged (in poor 

health) but still have good access to health-care services. In addition to individual-level 

contributors, system-level forces or environmental factors (e.g., macroeconomics, 

policies) also give rise to social exclusion. These factors can perpetuate or change an 

individual’s social exclusion status. Thus, social disadvantage is an integral part of social 
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exclusion. However, social disadvantage itself cannot fully explain social exclusion. A 

modified version of Lucas’s (2012) model, presented in Figure 1, illustrates both the 

characteristics and the process of social exclusion.  

 

Figure 1. Social exclusion characteristics. 

 In summary, although social exclusion and social disadvantage have shared 

indicators, social exclusion incorporates social disadvantage and accessibility, indicating 

social and civic participation as rights. Also, social exclusion accentuates quality of life. 

Thus, multidimensional and relational aspects need to be considered to resolve individual 

or social problems. In this sense, social exclusion may provide more comprehensive 

approaches to examine and tackle social problems. 
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Characteristics of social exclusion. According to Room (1999), in comparison 

with poverty, social exclusion has five distinctive characteristics: multidimensional 

disadvantages, dynamic processes, a focus on community, relational dimensions of 

disadvantage, and a “catastrophic discontinuity” with society (p. 167). First, when it 

comes to multidimensional disadvantage, Room posited that poverty or financial 

indicators are not sufficient to explain general hardship or disadvantage. Thus, 

multidimensional indicators should be considered. A concept of social exclusion 

identifies interrelationships between multidimensional indicators of hardship or 

disadvantage. For example, a social exclusion perspective examines relationships 

between poverty and poor housing and between childhood disadvantages and health 

conditions.  

Second, social exclusion is a dynamic process. Room (1999) described the 

process of social exclusion as one that constantly threatens the relationship between 

individuals and society. According to Krishnan (2015), even though social disadvantage 

leads to social exclusion, a more specific process, called “othering” (a decision process to 

separate people into the included ‘us’ and the excluded ‘them’ through diverse contexts 

such as racism and discrimination), is needed to fully explain the dynamic process. 

 When it comes to analyzing the dynamic process, studies dealing with poverty 

tend to examine the characteristics of elements of social disadvantage. However, studies 

on social exclusion identify factors that can trigger entry or exit from social disadvantage 

and “understand how the duration of disadvantage shapes how it is experienced and what 

are its consequences” (Room, 1999, p. 168). Thus, one factor, duration of disadvantage, 

needs to be considered as it may have an impact on whether an individual’s social 
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exclusion status can be improved. However, the dynamic process of social exclusion is 

challenging to operationalize. For example, according to Room (1999), because an 

individual’s poverty status frequently changes, it is difficult to measure poverty. In 

addition, it is important to identify the many triggering factors that can lead to poverty, 

such as low educational attainment, unemployment, and being disabled. Thus, it is 

important to identify the dynamic processes of social exclusion by focusing on such 

triggers. 

Third, social exclusion focuses on community aspects as well as individual ones. 

Room (1999) mentioned that conventional studies on poverty have focused on financial 

resources of individuals or households. However, insufficient or unsatisfactory 

community resources can contribute to poverty or economic disadvantage. In other words, 

the level of local community resources and the availability of these resources can affect 

the quality of an individual’s life. Of course, there have been studies of geographic-based 

disadvantages, including research linking a lack of resources in local communities to 

individual outcomes (Do, Wang, & Elliott, 2013; Wight, Cummings, Karlamangla, & 

Aneshensel, 2010). However, a concept of social exclusion generally captures local 

community dimensions as well as individual dimensions (Room, 1999). From these 

dimensions, measureable indicators can be identified and applied nationally. 

Fourth, social exclusion has relational aspects, such as inadequate social 

engagement, a lack of social integration, and diminished political power. According to 

social exclusion perspectives, society is a hierarchical status or a number of collectives 

that combined by opportunities, human rights, and obligations. The quality of society is 

very important to the quality of an individual’s life as a citizen. Many social policies or 
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programs aim to reintegrate people into society and guarantee their opportunities, human 

rights, and obligations (Room, 1999) such as education for re-socializing older adults 

(Formosa, 2012), reintegration programs for patients after stroke (Finestone et al., 2010) 

and for socially isolated patients (Kalina et al., 2018). 

Fifth, and finally, social exclusion focuses on a “catastrophic discontinuity” 

(Room, 1999, p. 167) with society. When scholars describe individuals, who are poor or 

estimate poverty within a given population, the poverty line is a frequently used cut point. 

Social exclusion, however, focuses on discontinuity in an individual’s relationships with 

the larger society. Thus, whereas poverty is strictly a function of finances, social 

exclusion is based on relationships and continuity with society (Room, 1999).  

Social exclusion among older adults. Margolis and Verdery (2017) reported that 

1% of U.S. adults aged 55 and older did not have a spouse, children, biological siblings, 

or living biological parents. The share is projected to reach 20% in the future (Carney, 

Fujiwara, Emmert, Liberman, & Paris, 2016). Older adults living alone typically have 

multiple problems (e.g., a lack of social support, deficient social ties, poor health, low 

levels of education) which are components of social exclusion. However, the severity and 

patterns of these problems are under-studied (Carr, 2019). This cohort may be at a higher 

risk for social exclusion than those who are living with others (Walsh, Scharf, & Keating, 

2017). This prospect indicates that older adults in the future have less social relationship 

than those who are living present. Because social elements are a part of social exclusion, 

given this trend, older adults in the future may have more experience social exclusion 

than the current older adults. In this respect, social exclusion among older adults could be 

an important research area.  
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In the United States, the concept of social exclusion has focused more on 

working-age individuals than on older adults (Scharlach & Lehning, 2013). Whereas 

social exclusion elements may differ for older adults in comparison with younger cohorts, 

the general characteristics of social exclusion do not depend on age. In other words, the 

five aforementioned social exclusion characteristics can be applied to social exclusion 

among older adults. Further, Room (1999) mentioned that analysis of these 

characteristics can be extended to older adults. 

Because there is a lack of studies comparing social exclusion between older adults 

and younger cohorts, it is challenging to assert definitively that older adults are more or 

less likely to experience social exclusion than are adults in other age groups. However, 

older adults may be vulnerable to social exclusion as a result of age-related factors that 

are distinct from younger cohorts. In other words, many studies dealing with social 

exclusion among older adults have emphasized elder-specific characteristics (e.g., poor 

health, lower levels of income, living alone).  

As mentioned earlier, according to role theory and the life course framework, 

older adults face many changes that they may not have experienced in the past. For 

example, increased age typically leads to medical illness and potential disability, which 

may necessitate assistance from formal or informal caregivers. Many older adults assume 

caregiving roles for their spouses and other relatives (Jones, Hadjistavropoulos, Janzen, 

& Hadjistavropoulos, 2011). Often, the impact of an illness requires that the caregiver 

resign from his or her job to provide full-time care (Luengo-Fernandez, Leal, Gray, & 

Sullivan, 2013). When family members are diagnosed with serious illnesses such as 

cancer, patients and family caregivers may assume significant financial burdens (Yabroff, 
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Lund, Kepka, & Mariotto, 2011). In addition, older caregivers may be more socially 

isolated (Cuthbert, King-Shier, Tapp, Ruether, & Culos-Reed, 2017) than are younger 

populations as a result of the significant amount of time spent providing assistance to 

spouses or relatives (Sinha, 2013). Thus, health problems or illnesses may lead to role 

changes that have the concomitant effects of imposing financial burden and social 

isolation, which are components of social exclusion. Of course, illnesses and shifts to 

caregiving roles are not experienced exclusively by older adults, but older adults are more 

likely to be diagnosed with severe or chronic illnesses and/or to be main family (informal) 

caregivers than are younger individuals. Older adults may be less involved in activities 

than are younger adults due to the requirements of age-related medical care (Aldwin, 

Igarashi, Gilmer, & Levenson, 2018). Thus, life events and role changes affect older 

adults’ lives, leaving them likely to suffer from social exclusion. 

Similarly, Saito et al. (2012) reported that older people are at risk for being 

socially isolated. Scharf, Phillipson, and Smith (2004) mentioned that older people from 

the United Kingdom suffering from social exclusion tend to report that their quality of 

life is either “poor” or “very poor.” In addition, older people living in socially deprived 

inner city areas may be especially susceptible to social exclusion. In most urban areas, 

there are many resources that older adults can use; however, those areas often present 

environmental challenges such as crime, poor housing, and social polarization (Buffel, 

Phillipson, & Scharf, 2013).  

In summary, social exclusion among older adults is an important issue, but there 

is a critical lack of evidence—especially in the United States. It is also unclear whether 

observed social exclusion factors relevant to older adults in other countries are valid to 
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understanding the experiences of older adults living in the United States. Thus, this study 

attempted to fill this gap in knowledge by examining social exclusion factors among 

older adults in the United States.  

Importance of researching social exclusion/research gaps. The importance of 

social exclusion research is widely recognized and has been promoted internationally by 

prominent organizations like the United Nations (UN), the World Health Organization 

(WHO), and the Organisation for Economic Co-operation and Development (OECD). 

However, in the United States, social exclusion has received less attention than in other 

countries. Possible explanations for the lack of social exclusion studies in the United 

States might be that discourse about social exclusion began in European countries, that 

the construct has not been widely adopted by researchers in the United States, and that 

concepts similar to social exclusion (e.g., social disadvantage) have been widely studied 

using U.S. samples. In addition, the economic foundation of the United States is strongly 

rooted in capitalism and neoliberalism, which may have led U.S. researchers to focus 

more on monetary gain, accumulation of property, and wealth than on social and 

relational characteristics of social exclusion.  

 In this sense, there are significant research gaps. When it comes to the research 

gap between international organizations and the United States, international organizations 

have studied social exclusion among diverse populations and focused on individuals’ 

minimum standards of well-being (UN, 2016), health inequalities (WHO; Popay et al., 

2008), and community solutions (OECD; Bronheim, Magrab, & Crowel, 1999). That is, 

studies by international organizations have tried to provide multiple or multidimensional 
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approaches to tackle their priority issues (e.g., well-being, health inequality, social 

exclusion itself).  

 In addition, when it comes to health data or statistics, European countries have 

focused on socioeconomic information to identify patterns of health disparities. However, 

in the United States, racial or ethnic groups have been used as important factors for 

understanding public health data on disparities, unlike in European studies, which have 

rarely focused on race or ethnicity (Braveman et al., 2010). In addition, there is a large 

body of evidence on SES and health inequities in the United States. In other words, U.S. 

researchers may have overlooked characteristics of social exclusion. However, as 

mentioned, researchers in the United States have tended to focus more on social 

disadvantage based on economic elements rather than multidimensional and relational 

elements of social exclusion (Lucas, 2012; Waglé, 2008). Thus, studies in the United 

States may not have covered the hidden side of social problems, particularly among older 

adults. Also, as a result of the lack of social exclusion studies in the United States, cross-

country or cross-cultural comparisons may be limited. For example, if an international 

organization conducts a comparison study on social exclusion across countries, it may not 

include the United States simply because of a lack of evidence.  

Measuring Social Exclusion  

Social exclusion phenomena are difficult to measure objectively. Social exclusion 

is a social phenomenon and individuals’ experience, indicating that social exclusion 

includes subjectivity. In addition, there may be a gap between results of objective 

measures and subjective perception. For example, although some people have low 

income and wealth, poor health, poor social relationships and participation, and live in 
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dangerous areas, they could feel that they are not socially excluded. Thus, this issue gives 

rise to measurement limitations.  

Measuring social exclusion is challenging. Although many studies have explored 

social exclusion, there are no established and well-validated measures of the concept. 

Due to the inconsistency in how social exclusion has been defined and the differing 

priorities of organizations and researchers, many social exclusion measurement tools 

have not been empirically validated. The lack of validated measures for social exclusion 

poses serious challenges for researchers who aim to address social exclusion and conduct 

cross-country or cross-cultural comparison studies. In addition, since a social exclusion 

lens can be used at individual, social, and national levels, it is difficult to design valid 

measures that capture the concept’s distinctive characteristics across these multiple levels. 

However, there have been many efforts to develop measures of social exclusion.  

Measures of social exclusion tend to cover a broad array of aspects. However, 

different researchers have emphasized slightly different aspects of social exclusion. 

Mainly, researchers have focused on multidimensional disadvantages, environment-based 

indicators, and relational dimensions of disadvantage. Also, they have tended to use 

domains and indicators, not just multiple indicators (Chakravarty & D’Ambrosio, 2006; 

MacInnes, Aldridge, Bushe, Kenway, & Tinson, 2013; Saito et al., 2012, Scutella et al., 

2009a; Stanley, 2011). However, due to a lack of theoretical backgrounds related to 

measures, many researchers of previous studies chose domains first and then determined 

indicators. This approach results in a different number of domains and indicators. In other 

words, previous measures for social exclusion had similarity that used multiple domains 
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and indicators. However, it does not guarantee that those are reliable and valid 

measurement tools.  

MacLeod et al. (2019) provided an alternative framework for understanding social 

exclusion by describing causal pathways. They divided social exclusion into four distinct 

parts: (a) determinants (causes), (b) indicators (for measuring social exclusion), (c) 

mediators/moderators, and (d) control variables. Determinants such as environmental 

factors (e.g., neighborhood cohesion, crime), socioeconomic factors (e.g., financial 

circumstances, material deprivation, housing), and health factors (e.g., physical, 

psychological, disability) give rise to social exclusion. Moderators increase or decrease 

the impact of determinants on social exclusion—for example, access to a car, internet and 

mobile phone use, or residence in a nonsuburban (i.e., urban or rural) area. MacLeod et al. 

argued that social exclusion can be measured through three representative sets of 

indicators: service provision and access, civic participation, and social relationships and 

resources. Also, demographic variables such as age, marital status, and education directly 

influence social exclusion (MacLeod et al., 2019). 

Factors used by different authors to operationalize social exclusion are shown in 

Table 1. Low income/financial difficulties are the most crucial factor indicating social 

exclusion. Also, poor social relationships and social participation are important elements 

of social exclusion. Among eight reviewed studies, five used poor health, unemployment, 

and civic activity. Half of the eight studies used access to services to measure social 

exclusion.  

However, there was a lack of details and backgrounds that how to select social 

exclusion domains and indicators. In other words, selection of domains and indicators 
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may depend on an arbitrary decision by researchers. Thus, in order to determine domains 

and indicators, theoretical and empirical backgrounds are needed. 

 

The Bristol Social Exclusion Matrix (B-SEM), developed by Levitas et al. (2007), 

is a framework for measuring social exclusion. The B-SEM was developed on the basis 

of identified social exclusion indicators and a review of the literature, including 

government-issued reports, mainly from the United Kingdom. The B-SEM is not a scale 

but, rather, provides a comprehensive framework for selecting domains and indicators 

with which to measure social exclusion using existing secondary data. The B-SEM also 

Table 1  

Factors Used by Different Authors to Operationalize Social Exclusion 

Source 

Low 

income 

or 

finances 

Poor social 

relationships

/participation 

Poor 

health 

Poor 

environment 

or 

neighborhood 

Poor 

housing/ 

Home 

ownership 

Unemploy

-ment 

Access 

to 

service 

Leisure/

civic 

activity 

Education 

Barnes et al. 

(2006)          

Chakravrarty 

& 

D’Ambrosio 

(2006) 

         

Levitas et al. 

(2007)          

Scutella et al. 

(2009)          

Becker & 

Boreham 

(2009) 
         

Stanley 

(2011)          

Saito et al. 

(2012)          

MacInnes et 

al. (2013)          

MacLeod et 

al. (2019)          
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serves as a benchmark by which to evaluate secondary datasets and determine whether 

existing survey items fully cover essential domains and indicators. The B-SEM consists 

of three dimensions (resources, participation, and quality of life), which are broken down 

into 10 domains and 51 indicators. The B-SEM can be applied to both cross-sectional and 

longitudinal social surveys and studies. The domains and their indicators were designed 

in relation to four life course stages: childhood, youth, working-age adulthood, and later 

life.  

Application of the B-SEM has been successfully demonstrated and empirically 

supported. Levitas et al. (2007) recommended measuring social exclusion using the 

English Longitudinal Study of Ageing (ELSA) because it includes full information for 21 

indicators and partial information for 13 indicators of the B-SEM. Barnes et al. (2006) 

measured social exclusion by examining multiple domains using the ELSA data. The 

authors constructed seven domains of social exclusion: social relationships, cultural and 

leisure activities, civic activities, access to basic services, neighborhood exclusion, 

financial products, and material goods (Table 2). They used a literature review, theory, 

and policy interests to select essential domains and indicators. In addition, Barnes et al. 

provided a cutoff threshold for each domain to determine whether social exclusion was 

present or not, using the distributions of exclusion scores for each threshold. The results 

showed that 9%–13% of older adults were excluded in one of the seven domains. 

Becker and Boreham (2009) also used the B-SEM and the ELSA to identify 

relevant risk factors for social exclusion in older adults: loneliness and poor social 

support, fear of one’s local area, low income, poor health, and poor accessibility. These 

risk factors were defined as binary variables (e.g., yes/no, having/not having something) 
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and continuous variables (e.g., numerical answer categories on a question or multiple 

questions eliciting a total combined score). They used the prevalence of the risk as a cut-

off threshold to examine socially excluded people in the latent class. 

Table 2  

Examples of Social Exclusion Domains from the English Longitudinal Study of Ageing 

Domain Examples of social exclusion 
Social relationships Close relationship with partner; speaks to child on the phone but no 

other contacts outside the home 

Cultural activities Never goes to the theater, concert, or opera but would like to; goes to 

an art gallery or museum less than once a year but would like to go 

more; goes to the cinema less than twice a year and would like to go 

more 

Civic activities Not a member of any civic organization; has not done any voluntary 

work and did not vote in the last general election 

Access to basic services Has difficulty getting to the GP and has difficulty getting to the 

bank/post office 

Neighborhood exclusion Agrees very strongly with the statement “Most people in this area 

cannot be trusted” and quite strongly with the statement “If in trouble 

there is no one in this area that would help you” 

Financial products Has a current bank account to help with day-to-day money 

management but has no medium-term savings or longer term 

financial products 

Material goods Has a TV, video player, and fridge-freezer; has no microwave or 

washing machine 

Note. GP = general practitioner. Adapted from The Social Exclusion of Older People: Evidence 

from the First Wave of the English Longitudinal Study of Ageing (ELSA): Final Report by M. 

Barnes, A. Blom, K. Cox, and C. Lessof (2006), Office of the Deputy Prime Minister, p. 19. 

Copyright 2006 by Queen’s Printer and Controller of Her Majesty’s Stationery Office. 

 

Scutella et al. (2009a) measured social exclusion among the general population in 

Australia. Their measurement framework was informed by previous studies, including 

those using the B-SEM. They used seven life domains: material resources, employment, 

education and skills, health and disability, social, community, and personal safety (see 

Table 3). Twenty-one indicators were used to capture these seven domains. For example, 

the material resources domain consisted of four indicators: household income, household 

net wealth, household consumption expenditure, and financial hardship. To determine 
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social exclusion, Scutella et al. used a cut point for each indicator and found that 

approximately 25% of the Australian population was experiencing at least some social 

exclusion.  

Table 3  

Social Exclusion Domains and Indicators from Scutella et al. (2009a) 

Domain Indicators 
Material resources Household income; household wealth; household expenditures; 

financial hardship 

Employment  Long-term unemployed; unemployed; marginally attached; 

household joblessness  

Education and skill Literacy; numeracy; English proficiency; formal education; work 

experience 

Health and disability  General health; physical health; mental health; disability; household 

with a disabled child 

Social Social support; participation in common social activities 

Community Neighborhood quality; civic participation (membership in clubs or 

associations and voluntary activity) 

Personal safety Victim of violent crime; victim of property crime; subjective safety 

Note. All indicators are from the Household, Income and Labour Dynamics in Australia (HILDA) 

Survey (https://melbourneinstitute.unimelb.edu.au/hilda).  

 

As the name suggests, the B-SEM derives from the United Kingdom. The 

secondary datasets for using the B-SEM, recommended by Levitas et al. (2007), are also 

from the United Kingdom. To apply the B-SEM to a U.S. sample, suitable secondary data 

from the United States are needed. The Health and Retirement Study (HRS; 

https://hrs.isr.umich.edu/about) is a large longitudinal, population-based survey of older 

adults (50 years of age and older) in the United States. The HRS was designed to be 

comparable to the ELSA. Both surveys use many of the same questions, covering diverse 

domains for the purposes of cross-country comparisons of older adults. The HRS 

contains full and partial information for many of the B-SEM indicators. Further, the HRS 

includes more information than does the ELSA. That is, the HRS is more comprehensive 

and a better data source for measuring social exclusion. Thus, the HRS is an ideal data 
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source with which to apply the B-SEM. However, to date and to my knowledge, no 

studies have used the HRS to measure social exclusion among older adults. 

In the present study, conceptual and empirical frameworks based on the B-SEM 

(Levitas et al., 2007), Room (1999), and Scutella et al. (2009a) were used to inform the 

operationalization of social exclusion. These three frameworks may supplement the 

limitations of existing measurements. The B-SEM provides a pool of indicators or 

domains of social exclusion. Several studies have used a guideline from the B-SEM to 

measure social exclusion. Specifically, when researcher selects indicators and domains 

from secondary datasets, the guideline is useful. As mentioned, this dissertation focuses 

on social exclusion and its unique characteristics. Room (1999) provides theoretical 

backgrounds and characteristics of social exclusion. Also, the framework by Scutella and 

colleagues may be an appropriate measurement tool because it followed the B-SEM, used 

a secondary dataset, and used variables highly compatible with the HRS. Because there 

was a lack of studies to measure social exclusion based on the HRS, the framework by 

Scutella and colleagues can provide a measurement guideline. The combination of the 

conceptual and empirical frameworks may be appropriate to measure social exclusion 

using secondary datasets and interpret the results. 

The HRS covers many of these domains and indicators. Consistent with the 

recommendations of Saito et al. (2012) and Barnes et al. (2006), these two frameworks 

from Levitas et al. and Scutella et al. focus on relevant multidimensional aspects of social 

exclusion. Thus, in this study, corresponding variables in the HRS based on two 

measurement frameworks (i.e., Levitas et al., 2007; Scutella et al., 2009a) were used (see 

Table 4). As Table 4 illustrates, this study used 21 indicators to measure social exclusion. 
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This approach differed somewhat from the B-SEM and Scutella and colleagues’ 

frameworks (2009) and relied on available social exclusion measures in the HRS (see 

Chapter 3 for a detailed description of the proposed operationalization of social 

exclusion).  

Social exclusion domains are tentative and modifiable. For example, car 

availability could be nested in different domains such as material resources and social. 

Employment may not be an important domain for older adults because they are often 

Table 4  

Social Exclusion Indicators and Corresponding Variables in the HRS 

Indicator Variable (cf. Lucas’s, 2012, model) 

Income Income (SD) 

Wealth Total non-housing wealth (SD) 

Home ownership Home ownership (SD) 

Financial hardship Difficulty paying bills (SD) 

Employment status Employment status (SD) 

Social support Quality of social support (IN) 

Social activity Social activity (IN) 

Physical health  Self-rated health (SD) 

Mental health Depression (CES-D; SD) 

Long-term health Long-term health (SD) 

Disability Activities of daily living (SD) 

Life satisfaction Life satisfaction (SD) 

Self-efficacy Self-efficacy (SD) 

Condition of home Condition of home (SD) 

Neighborhood satisfaction City satisfaction (SD) 

Car availability Car availability (IN) 

Membership  Social membership (IN) 

Voluntary activity Voluntary activity (IN) 

Victim of violence Violence experience (SD) 

Victim of crime  Crime experience (SD) 

Neighborhood quality Neighborhood safety (SD) 
Note. Based on the Bristol Social Exclusion Matrix (Levitas et al., 2007) and Scutella et al. 

(2009a) frameworks. HRS = Health and Retirement Study (https://hrs.isr.umich.edu/about); 

SD = social disadvantage; IN = inaccessibility (based on Lucas’s, 2012, model); CES-D = 

Center for Epidemiologic Studies Depression Scale. 
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retired. In this sense, it is doubtful that prior frameworks, specifically their social 

exclusion domains, are valid and reliable to measure objective social exclusion 

phenomena.  

In addition, it should be recognized that each dataset has different characteristics 

and a different purpose. For example, even though there is a social participation variable 

in each dataset, the survey questions, response options, target populations, and scales 

used are different. Thus, each social exclusion indicator is modifiable. Also, social 

exclusion domains can be derived differently depending on available indicators from 

each dataset. For example, Scutella et al. (2009a) categorized social support as an 

indicator of the social domain with a social activity indicator from the Household, 

Income and Labour Dynamics in Australia (HILDA) Survey 

(https://melbourneinstitute.unimelb.edu.au/hilda). However, on the basis of the HRS, 

social support might be an indicator of the community domain. Also, social support may 

not be associated with social activities. Thus, the present study adopted a more 

exploratory approach regarding social exclusion domains, focusing more on empirical 

social exclusion indicators based on the HRS than on conceptual social exclusion 

domains.  

Social Exclusion and Mortality 

In terms of research on mortality, many social exclusion components have been 

studied with respect to mortality risk. Indeed, previous studies have revealed 

relationships between specific social exclusion indicators and mortality (Holwerda et al., 

2012; Saito et al., 2012; Steptoe, Shankar, Demakakos, & Wardle, 2013). Most studies 

that have examined causes of mortality have focused on specific risk factors. For example, 
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low SES, poverty, and disease have been found to have a negative effect on mortality 

(Adena & Myck, 2014; Chapman, Fiscella, kawachi, & Duberstein, 2010; Currie & 

Schwandt, 2016; Demakakos, Biddulph, Bobak, & Marmot, 2016; Fried et al., 1998; 

Hurria et al., 2011; Patel, Ferrucci, Ershler, Longo, & Guralnik, 2009; Turiano, Chapman, 

Agrigoroaei, Infurna, & Lachman, 2014). Low income (Anderson, Richardson, Fields, & 

Harootyan, 2013; Kalwij et al., 2013; Sautter et al., 2012) and unemployment (Konrath, 

Fuhrel-Forbis, Lou, & Brown, 2011) were associated with mortality risk and volunteering 

(Konrath et al., 2011; Musick et al. 1999; Wethington, Pillemer, & Principi, 2016) and 

social support (Becofsky et al., 2015; Olaya et al., 2017) were also important predictors 

of mortality. In addition, social disadvantage and inaccessibility or isolation affect 

mortality (Cornwell, 2015; Manderbacka, Arffman, Sund, & Karvonen, 2014; Steptoe et 

al., 2013). 

Although each social exclusion component and its association with mortality have 

been well described, these approaches may overlook some of the hidden root causes of 

mortality (e.g., the precipitators of disease) and the characteristics of social exclusion 

(e.g., multidimensionality, interrelationships between indicators or domains). Thus, 

combining existing components and using the concept of social exclusion are needed 

because consideration of social exclusion and its diverse indicators may provide new 

perspectives that shed light on hidden causes or interrelated factors of mortality and 

health outcomes.  

Saito et al. (2012) examined the impact of social exclusion on mortality among 

older Japanese adults. They defined social exclusion as a multidimensional problem and a 

dynamic process. However, they had a relatively narrow view of social exclusion. 



 

 28 

Although they used the term “social exclusion,” they measured it with only three 

variables: relative poverty, social isolation, and social inactivity. On the basis of these 

variables, study participants were grouped into four categories: not socially excluded, 

living in poverty, socially isolated/inactive, and poverty/isolated/inactive. Results showed 

that all of the social exclusion categories had higher hazard ratios for mortality than did 

the not socially excluded category. Yur’yev et al. (2013) examined the relationship 

between social exclusion and suicide mortality in Europe. In their research, social 

exclusion consisted of two dimensions: economic/employment and social/welfare. Four 

items (standard of living of unemployed people, governments’ responsibility for ensuring 

a job, job security, and financial hardship) captured the economic/employment dimension, 

and three items about the effectiveness of social services for poverty, equal society, and 

combining work and family life assessed the social/welfare dimension. Results showed 

that both dimensions of social exclusion were linked to suicide mortality among men. 

However, both dimensions were not statistically significant among women.  

Current Study Purpose and Objectives 

Research on social exclusion and several limitations (e.g., inconsistent 

conceptualization/operationalization of social exclusion) in previous studies have left a 

gap in knowledge on the relationship between social exclusion and mortality. Although 

previous studies used similar crucial factors to measure social exclusion, their reliability 

and validity are unknown. However, there are no specific scales or measurement tools 

that assess social exclusion. Thus, further development of these social exclusion 

measures, as well as testing validity and reliability are needed. 
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As previously mentioned, contributors to mortality among older adults are well 

described; however, these studies have tended to focus on specific risk factors. 

Limitations of those efforts are to underestimate the diverse characteristics of risk factors. 

Social exclusion helps to understand the predictors of mortality through its unique 

characteristics such as its multidimensionality and relational aspects among components 

(e.g., indicators, domains). Studying social exclusion and its impact on mortality may 

reveal the hidden predictors of mortality among older adults. In terms of survival time, 

there is a lack of studies dealt with social exclusion among older adults in the U.S. 

Considering social exclusion and its impact on survival time may show the influential 

predictors of survival time among older adults. Moreover, few studies have examined this 

relationship using samples of older adults from the United States. In addition, although 

there are multiple measures of social exclusion in existence, the validity of these 

instruments has not been established.  

Therefore, the purpose of the present study was to address this research gap by 

examining the effects of social exclusion on mortality and survival time using a 

nationally representative sample of adults over 50 years of age. The primary goal was to 

better understand how social exclusion indicators/domains affects mortality and survival 

time among older adults.  

This study’s findings have implications for policy, social work practice, and 

future research, providing needed data on risks and protective factors. Further, this study 

contributes to a better understanding of social exclusion as a construct. More specifically, 

this study may inform future work by providing a better understanding of what social 

exclusion is and how it can be operationalized for the purposes of research. Also, this 
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study identifies which elements of social exclusion influence mortality and survival time 

and uncovers a latent concept that affects mortality and survival time. Social work policy 

and practice may advance by targeting influential social exclusion elements to develop 

tailored policies or practice plans.  

Using data from the HRS, this study operationalized social exclusion and 

examined its effect on mortality among older adults in the United States by applying 

social exclusion domains and indicators informed by conceptual and empirical 

frameworks based on Room (1999), the B-SEM framework (Levitas et al., 2007), and the 

social exclusion measurement framework of Scutella et al. (2009a). Although Scutella et 

al. provided empirical information on the social exclusion domains, those domains were 

not applied to the HRS. Further, there is a lack of research measuring social exclusion 

using the HRS. Thus, the present study also evaluated the properties of social exclusion 

indicators and, further, showed the results of empirical social exclusion domains based on 

the HRS. In addition, the relative effects of social exclusion indicators and domains on 

mortality and the impact of each indicator on survival time were examined.  

Research Questions 

To address those research gaps, this study addressed the following three research 

questions (RQs) using a sample of older adults in the HRS:  

RQ1. What are the measurement properties of the available social exclusion 

domains and indicators in terms of central tendency, variability, internal consistency, 

construct validity, and factorability?  
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RQ2. Are social exclusion domains and indicators associated with mortality 

above and beyond the effects of material resources (e.g., the material resources domain vs. 

the health domain, income vs. other indicators)? 

RQ3. Does survival time differ by indicators of social exclusion?  
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Chapter 2. Theoretical Framework 

This study drew on theoretical frameworks from the fields of sociology and public 

health. These theoretical frameworks incorporate various perspectives—multicultural, 

racial, individual, social, and the intersectionality of these—to explain social exclusion or 

address the relationships between social exclusion and health outcomes. In this chapter, 

social exclusion–related theory is introduced first through critical examination of social 

exclusion and the debate surrounding its utility as a research concept. Additional theory 

used in this study focuses on diverse factors of social exclusion and the relationships 

between these factors and mortality or health outcomes. The social determinants of health 

framework is described to explain causal relationships between social exclusion and 

health inequalities.  

The Social Exclusion Debate 

As elaborated earlier, various definitions and concepts have been proposed to 

better understand the problem of social exclusion in modern society. However, there is no 

formally established social exclusion theory. Cohen (2015) reported that there has been 

substantial debate about social exclusion, and the characteristics of social exclusion have 

been well described (e.g., multidimensionality, relational aspects, focus on community). 

However, diverse descriptions of social exclusion and the complexity of the construct are 

major hindrances to establishing an overarching, unified social exclusion theory. For 

example, according to Cohen (2015), there are several different perspectives on social 

exclusion. First, with a focus on discrimination, social exclusion is a by-product of 

neoliberal ideology and countries founded on such ideals. Under neoliberalism, states 

focus on maintaining optimal market function. Therefore, socially excluded people in 
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neoliberal countries (people who are, e.g., poor, marginalized, or unemployed) are not 

major targets of social policies. Second, powerful, monopolistic groups (e.g., ruling elites, 

landowners) can exercise social exclusion to suppress other competing groups. From this 

perspective, social exclusion is associated with a radical or Marxist position. Thus, 

whereas powerful groups perpetuate their economic position, lower class or working 

class individuals (those who are economically unstable, employed part-time, or have low 

income) are prone to being more marginalized or less organized than are other workers. 

Also, deprivation of job opportunity stimulates social exclusion (Standing, 2016). Finally, 

Marshall (1950) defined citizenship as incorporating three fundamental elements: civil, 

political, and social. Citizenship is based on political perspective. The civil element 

includes the right to justice, freedom of thought and faith, and the right to own property. 

The political element incorporates the right to vote and representation. The social element 

encompasses the right to economic welfare and security. In this sense, the denial of 

citizenship is directly related to social exclusion. However, the denial of citizenship does 

not necessarily indicate social exclusion, because social exclusion is more complicated 

(Cohen, 2015).  

In spite of diverse perspectives, theorists have found a middle ground. Cohen 

(2015) observed that social exclusion is associated with material deprivation, inadequate 

social participation, lack of human capital, and inadequate access to services. Social 

exclusion has various indicators, such as material deprivation, poor health care, 

geographical isolation, and various types of discrimination (Geddes & Bennington, 

2001/2013). Thus, social exclusion embodies the complexity of powerlessness.  
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Cohen (2015) distinguished between two important social exclusion ideas: narrow 

(i.e., micro) and broad (i.e., macro). The narrow idea of social exclusion encompasses (a) 

the multidimensional nature of poverty and disadvantage, (b) the persistence of multiple 

deprivations, (c) the extreme and severe effects multiple deprivations on social groups 

and geographical regions, and (d) the desirability of being included in mainstream of 

society. Conversely, the broad idea of social exclusion emphasizes (a) the vulnerability of 

individuals in large proportions of the overall population to social exclusion situations for 

at least some of their lives; (b) the social dimensions, specifically citizenship, associated 

with equality of opportunity and antipoverty; and (c) the desirability of cohesive societies.  

These various perspectives delineate important social exclusion characteristics. 

Although scholars’ descriptions of social exclusion differ, these debates do point to some 

common characteristics of social exclusion. Specifically, theorists have consistently 

emphasized certain social exclusion characteristics: multidimensionality; accessibility of 

opportunity, society, and resources; and social or community aspects. 

Social Determinants of Health 

Social exclusion may have a negative effect on health and health outcomes, 

because it is based in discrimination and prejudice (Mays, Cochran, & Barnes, 2007). For 

example, discrimination and prejudice have been shown to negatively affect African 

Americans’ health outcomes (Mays et al., 2007). However, there is no specific theory 

fully examining the relationships between social exclusion and health outcomes. Thus, 

through indirect examination of health or health inequality theories, it is possible to 

understand those relationships.   
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According to Mathieson et al. (2008), the Social Exclusion Knowledge Network, 

established by the WHO, reported that there is a lack of empirical research focusing on 

the relationships between social exclusion and health inequalities. In the face of this lack, 

Mathieson et al. compiled and summarized causal theories of health inequalities. 

Dahlgren and Whitehead (1993) delineated patterns of health and illness across social 

groups and societies. In their framework, individuals are located at the center of 

concentric semicircles, enclosed by four layers: (a) personal lifestyle; (b) social and 

community networks; (c) living and working conditions; and (d) SES, cultural conditions, 

and environmental conditions. Processes or interactions operating within and across 

domains have a variety of effects on health inequalities. Brunner and Marmot (2006) 

described the relationships between social structure and health. They enumerated social 

exclusion, poverty, psychosocial and behavioral issues, environment, early life, and 

cultural factors as determinants of population health for minorities in Europe. Blane 

(1999) proposed a life course model in which individuals’ biological statuses and the 

structured nature of socialization processes have an effect on future health advantage and 

disadvantage. For example, ex-miners’ emphysema influences their future health, 

deprivation experience, and social disadvantage. That is, health and diseases result from 

accumulated (dis)advantages. Wilkinson (1997) focused on the effect of social 

hierarchies on health outcomes. Egalitarian countries have the highest levels of health 

and the lowest levels of health inequalities. Also, in all countries, the most important 

mediating elements between income inequalities and health are psychosocial factors (e.g., 

social support, social affiliations, chronic stress). The determinants of health detailed 

above are compared in Table 5. 
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Table 5  

Determinants of Health  

 Determinant of health 

 

Source 

 

Individual 

 

Psychosocial 

Environment or 

social structure 

Dahlgren & 

Whitehead (1993) 

Life style 

(demographics) 

Living and working 

conditions 

SES; cultural and 

environmental 

conditions 

Brunner & Marmot 

(2006) 

Behavioral issues Social exclusion; 

poverty; 

psychosocial issues 

Social structure; 

environment; 

cultural factors 

Blane (1999) Biological status, 

socialization 

processes 

  

Wilkinson (1997)  Social support; 

social affiliations; 

chronic stress 

Social hierarchies 

Note. SES = socioeconomic status. 

These explanatory models, across boundaries from micro to macro, emphasize 

multifactorial characteristics that lead to health inequalities. Individuals’ differing 

characteristics (e.g., SES, demographics) contribute to health inequalities (Mathieson et 

al., 2008). However, each determinant of health is different. That is, a unifying theory 

that incorporates these various determinants of health is needed. To integrate various 

models, Mathieson et al. used the Social Determinants of Health framework (SDH) 

published by the WHO. According to the WHO 

(http://www.who.int/social_determinants/sdh_definition/en/), the SDH consists of various 

conditions “in which people are born, grow, work, live, and age, and the wider set of 

forces and systems shaping the conditions of daily life” (para. 1). There are diverse 

factors reflecting an individual’s socioeconomic position and health (e.g., social contexts, 

economic contexts, political contexts) that are stratified by gender, race, ethnicity, 

education, occupation, and income (WHO, 2010).  
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On the basis of the SDH, Mathieson et al. (2008) posited causal pathways (see 

Figure 2) incorporating socioeconomic and political contexts with four factors: the labor 

market, the education system, social policies, and cultural systems. Socioeconomic and 

political contexts trigger social stratification on the basis of different levels of 

socioeconomic class, power, prestige, and discrimination. Vulnerability to poor health is 

associated with an individual’s socioeconomic position, which may result in health 

inequalities. 

 

Figure 2. Causal pathways based on social determinants of health and other explanations. 

Adapted from Social Exclusion Meaning, Measurement and Experiences and Links to 

Health Inequalities: A Review of Literature by J. Mathieson, J. Popay, E. Enoch, S. 

Escorel, M. Hernandez, H. Johnston, and L. Rispel, 2008, WHO Social Exclusion 

Knowledge Network Background Paper 1, p. 63. Copyright 2008 by the World Health 

Organization. Reprinted with permission. 
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The conceptual framework for the present study is based on the SDH. According 

to the SDH, socioeconomic position is an important determinant of health inequalities. 

However, not social disadvantage, SES, or poverty alone can fully explain social 

exclusion. The reason this study focused on the SDH is that this theory delineates the 

causal pathways between various factors related to social exclusion and health inequality. 

Conceptual Framework for the Present Study 

The conceptual framework of the present study is presented in Figure 3. The 

figure delineates relationships between domains/indicators of social exclusion and 

mortality and survival time, as defined by the SDH. Owing to the lack of social exclusion 

and mortality theory in the existing literature, the conceptual framework and 

domains/indicators of social exclusion used in this study were based on the B-SEM 

(Levitas et al., 2007), Room (1999), and the Scutella et al. (2009a) framework.  

Per the B-SEM, social exclusion consists of 10 domains and 51 possible 

indicators. According to Scutella et al. (2009a), there are seven domains and 21 indicators 

of social exclusion. These relationships are considered to have a hierarchical structure. 

That is, indicators are nested within domains. Based on available indicators from the 

HRS, each identified domain (material resources, social, health, community, and personal 

safety) describes a core element of social exclusion. Details regarding the 

operationalization of social exclusion are further explained in Chapter 3.  
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Figure 3. Conceptual framework for the present study. 
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Chapter 3. Methodology 

This chapter discusses the methodology and the analytic approach for the present 

study, addressing the data source, the sample, measures and variables, and data analysis. 

This study used secondary datasets to address the proposed research questions.  

Data Source 

The HRS is a longitudinal panel study of more than 22,000 Americans who are 50 

years of age or older; it has been administered every other year since 1992. The HRS is a 

nationally representative survey that collects information on many important variables, 

such as demographics, labor force issues, assets and finances, and health (Servais, 2010). 

When an HRS participant dies, an exit interview is conducted with a proxy informant, 

usually a spouse or another close family member. HRS exit interviews include 

information, based on proxy report, about a decedent’s last years/months of life. The 

HRS core wave covers general information based on households and is largely self-report 

(Servais, 2010). Beginning in 2006, the HRS included an additional hard-copy 

questionnaire, the psychosocial supplement, to elicit self-evaluations about life 

circumstances, subjective well-being, and lifestyle. The psychosocial supplement is 

gathered every 2 years from a randomly selected 50% of participants in the core waves 

(Sonnega & Smith, 2015). That is, different 50% subsamples of respondents are selected 

for the psychosocial supplement in alternating waves. However, the psychosocial 

supplement is not administered to people who are unable to respond, such as individuals 

who are institutionalized or are cognitively impaired. Selected participants are asked to 

complete the psychosocial supplement after participating in the HRS core wave interview 

(Sonnega & Smith, 2015). The psychosocial supplement contains many key social 
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exclusion indicators such as social networks, quality-of-life assessments, and descriptions 

of social activities. 

IRB protocol and obtaining data. A determination from the IRB of Not Human 

Subjects Research was obtained from the University of Maryland, Baltimore (see 

Appendix A: IRB Determination Letter). All data used in this dissertation were publicly 

available.  

Sample 

This study focused on older adults aged 65 years or older. There were several 

reasons for limiting the sample in this manner. As mentioned earlier, social exclusion 

among older adults may differ from social exclusion in other age populations as a result 

of changed roles and age-related aspects. Also, most previous studies examining social 

exclusion among older adults have defined older adults as those 65 years of age or older 

(Saito et al., 2012; Scharf et al., 2004). With a sample of individuals aged 65 years or 

older, this study may be more comparable—though, due to differing indicators or 

domains, not completely comparable—to similar social exclusion studies from other 

countries, primarily in Europe. This study also used information from previous studies in 

European countries to inform the findings and implications. In this sense, as a next step 

of the current project, it might be valuable to compare across different countries. 

A preliminary analysis comparing younger (50–64 years) and older (65+ years) 

older adults is presented in the Appendix B. According to this preliminary analysis, there 

were differences between younger older and older older adults on nearly all of the social 

exclusion indicators, with the exceptions being depression and disability. In addition, the 

car availability indicator was not applied to younger older adults. Thus, younger older 
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adults were excluded from the present study. A future research endeavor should compare 

differences in social exclusion between younger older adults and older older adults.  

For this study, 2014 and 2012 HRS exit waves, 2012 and 2010 HRS core waves, 

and 2012 and 2010 psychosocial supplements were used. The 2014 HRS exit wave 

represents the latest data currently available (as of December 2018). As mentioned earlier, 

each data source (core wave, exit wave, and psychosocial supplement) has different 

information. The exit wave has information from proxy informants about participant 

deaths. The core wave includes general information such as demographics, family, and 

economic resources. The psychosocial supplement provides information about major 

indicators of social exclusion (e.g., life satisfaction, social support). 

The compositions of the datasets and the number of participants in the samples 

are illustrated in Figure 4. To facilitate the conduct of statistical analyses (e.g., correlation 

analysis, Cox regression, survival analysis), one large dataset was constructed. The core 

waves (2010 and 2012) and the psychosocial supplement (2010 and 2012) were 

combined with the exit waves (2012 and 2014) to secure a sample that was sufficiently 

large.  

The core waves from 2010 and 2012 included a total of 42,586 participants. The 

psychosocial supplement of each core wave excluded a randomly selected 50% of 

participants. A total of 21,294 participants were excluded. The two core waves and 

psychosocial supplements had 21,292 cases. In addition, individuals who did not 

complete the survey or were institutionalized (n = 6,096) and those who were 64 years of 

age or younger (n = 6,757) were excluded from the study sample. The final dataset 
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combined with the exit waves included a total of 8,439 participants (501 deceased, 7,938 

alive).  

 

 

Figure 4. Composition of HRS datasets for the main analyses. HRS = Health and 

Retirement Study (HRS; https://hrs.isr.umich.edu/about). 

 

Measures and Variables 

Dependent variables. As codified in the research questions, this study had two 

dependent variables: mortality and survival time. First, mortality status was measured as 

a dichotomous variable (0 = living, 1 = deceased). Mortality status variables were 

obtained from the 2012 and 2014 HRS exit waves. Second, survival time was measured 

https://hrs.isr.umich.edu/about
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as the distance between two time points: the date of core wave survey completion and the 

date of death from the exit wave. The date of death in the exit waves referred to the 

answer to this question: “What was the date on which [respondent’s name] died?” The 

date of death variable consisted of month and year values. These two variables were 

calculated and recoded into a single variable indicating that the death occurred X number 

of months since completion of the psychosocial supplement. The remaining cases who 

were still alive at the subsequent survey wave were censored in the survival analysis.  

Independent variables. The key independent variables were based on the B-

SEM and the Scutella et al. (2009a) framework. According to these two frameworks, 

social exclusion includes several domains and indicators. However, those frameworks 

were created to measure social exclusion within working-age populations. Thus, the 

social exclusion framework in this study was modified to ensure that indicators were both 

available within the HRS and appropriate to the population. Sets of independent variables 

for this study were categorized on the basis of the previous conceptual and empirical 

frameworks: material resources, social, health, community, and personal safety. In other 

words, these sets of independent variables could be changed depending on the results of 

the study.  

Because of survey item variability, each indicator had unique scoring and ranges 

(Likert-type scale, continuous value, and dichotomous value). Original indicators 

consisting of continuous and dichotomous (or dummy) variables were used to conduct the 

Cox regressions. However, to conduct the survival analyses, all indicators were 

dichotomized (socially excluded vs. not socially excluded) on the basis of evidence-

informed cut points. For consistency in analyses and interpretation, dichotomized 
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indicators were recoded, with higher scores representing less desirable values (socially 

excluded). 

Material resources. The material resources domain refers to economic status, 

income, and possessions. This domain included five indicators: income, total nonhousing 

wealth, home ownership, financial hardship, and employment status. First, income 

referred to the actual dollar amount of annual income, including multiple income sources 

(e.g., the sum of respondent and spouse earnings, pensions and annuities, Supplemental 

Security Income, household capital income). Owing to the large range of values, this 

variable was revised into quintile values (1 = very low [20% or less], 2 = low [21%–40%], 

3 = medium [41%–60%], 4 = high [61%–80%], 5 = very high [81% or more]). Second, 

total nonhousing wealth was measured as total wealth, using actual dollar amount, 

without the value of the respondent’s primary residence. This variable was calculated as 

the sum of the appropriate wealth components—such as real estate (not primary 

residence), vehicles, businesses, stocks, and savings—less any accrued debt. As with the 

income indicator, this variable was also revised into quintile values (1 = very low [20% 

or less], 2 = low [21%–40%], 3 = medium [41%–60%], 4 = high [61%–80%], 5 = very 

high [81% or more]). Third, home ownership referred to the answer to this question: “Do 

you own your home?” The home ownership indicator was dichotomized and recoded (0 = 

own, 1 = not own). Home ownership was broadly defined and included single-family 

homes, farms, and mobile homes. Fourth, financial hardship was measured with this 

question: “How difficult is it for (you/your family) to meet monthly payments on 

(your/your family’s) bills?” This indicator had a five-point Likert-type response scale (1 

= not at all difficult, 5 = completely difficult). Finally, employment status referred to the 
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answer to the question “Are you currently working?” with a dichotomous value (0 = yes, 

1 = no). Details about cut points of each indicator are provided in Table 6.  

On the basis of the foregoing items, cut points indicating potential social 

exclusion were as follows: (a) the first quintile (below 20%) of the annual income, (b) 

below 20% the average total nonhousing wealth (Becker & Boreham, 2009), (c) does not 

own home, (d) at least some reported difficulty paying bills (Levy, 2015), and (e) not 

working now. 

Social. This domain indicates interactions with other people and human capital. 

Two indicators were used to operationalize the social domain. First, quality of social 

support examined positive and negative perceptions of social support from four sources: 

spouses, children, family, and friends. The scale had items that were positively and items 

that were negatively worded. The set of positively worded questions referred to perceived 

support from each of the four sources: “How much do they really understand the way you 

feel about things?”; “How much can you rely on them if you have a serious problem?”; 

and “How much can you open up to them if you need to talk about your worries?” 

Conversely, the negatively worded items indicated responses to the following questions 

in reference to each of the four potential sources of support: “How often do they make 

too many demands on you?”; “How much do they criticize you?”; “How much do they 

let you down when you are counting on them?”; and “How much do they get on your 

nerves?” These 28 items (seven total items for each of the four sources of support) had a 

four-point Likert-type response scale (1 = a lot, 2 = some, 3 = little, 4 = not at all). The 

positively worded social support indicators were reverse coded.  
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As mentioned, the perceptions of social support are from the four sources 

(spouses, children, family, and friends). However, not all older adults have the four 

sources. For example, some older adults have support from only their spouse and family. 

In this case, the average score of perception of social support among those older adults is 

lower than those who have the four sources of social support. Thus, on the basis of this 

information, the social support variable was created by averaging the scores across the 28 

variables (Smith, Ryan, Sonnega, & Weir, 2017) divided by the number of supporters, 

ranged 0–4 (spouses, children, family, and friends). Higher scores indicated higher social 

support.  

Second, social activity was measured with a question (“How often do you . . .”) 

and various items: “. . . play cards or games?”; “. . . work on a hobby or project?”; and 

“. . . play sports or exercise?” These indicators had a seven-point Likert-type response 

scale (1 = never, 2 = not in the last month, 3 = at least once a month, 4 = several times a 

month, 5 = once a week, 6 = several times a week, 7 = daily). Three items were combined, 

and values of the question were dichotomized and recoded (0 = any activity, 1 = none).  

Cut points indicating potential social exclusion were as follows: (a) below the 

mean score on the measure of quality of social support (Ezeamama et al., 2016) and (b) 

no social activities.  

Health. This domain refers to an individual’s human capital related to physical 

health, productivity, and quality of life. Six indicators were used to measure the health 

domain. First, self-rated health was measured with a question to indicate health status: 

“Would you say your health is excellent, very good, good, fair, or poor?” This indicator 

had a five-point Likert-type response scale (1 = poor, 2 = fair, 3 = good, 4 = very good, 5 
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= excellent), with higher scores indicating better health status. Second, depression was 

measured using the short (eight-item) version of the Center for Epidemiologic Studies 

Depression Scale (CES-D). There were eight items (“Much of the time during the past 

week . . .”) with dichotomous responses (0 = no, 1 = yes): “. . . you felt depressed”; “. . . 

you felt that everything you did was an effort”; “. . . your sleep was restless”; “. . . you 

were happy”; “. . . you felt lonely”; “. . . you enjoyed life”; “. . . you felt sad”; and “. . . 

you could not get going.” The fourth and sixth items were reverse coded. A sum of scores 

across all items was used, with higher scores indicating greater depressive symptoms. 

Third, long-term health was measured using this item: “Compared with your health when 

we talked with you in the previous wave interview, would you say that your health is 

better now, about the same, or worse?” This indicator was measured on a three-point 

Likert-type response scale (1 = worse, 2 = about the same, 3 = better) and was 

dichotomized and recoded (0 = better or the same, 1 = worse). Fourth, disability was 

measured using questions (“Because of a health or memory problem, do you have any 

difficulty with . . .”) regarding difficulties with one of six activities of daily living 

(ADLs): “. . . dressing?”; “. . . walking?”; “. . . bathing or showering?”; “. . . eating?”; 

“. . . getting in or out of bed?”; and “. . . using the toilet?” This set of questions had 

dichotomous response options (0 = no, 1 = yes). A sum of scores across the six items was 

used, with higher values representing greater levels of disability. Fifth, life satisfaction 

was measured with the following set of questions (“How much do you agree or disagree 

with the following statements?”): “In most ways, my life is close to ideal”; “The 

conditions of my life are excellent”; “I am satisfied with my life”; “So far, I have gotten 

the important things I want in life”; and “If I could live my life again, I would change 
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almost nothing.” These indicators had a seven-point Likert-type response scale (1 = 

strongly disagree, 2 = somewhat disagree, 3 = slightly disagree, 4 = neither agree nor 

disagree, 5 = slightly agree, 6 = somewhat agree, 7 = strongly agree). A sum of scores 

across all five items was used, with higher scores indicating more satisfaction with life. 

Finally, general self-efficacy was assessed with three variables measuring personal 

control (“How would you rate the amount of control you have over your . . .”): “. . . 

health?”; “. . . social life?”; and “. . . financial situation?” This indicator had an 11-point 

Likert-type response scale (0 = no control at all, 10 = very much control). From these 

three items, averaged scores were used as a general measure of general self-efficacy. 

Cut points of each indicator were as follows: fair and poor self-rated health 

(Demakakos, Nazroo, Breeze, & Marmot, 2008), “yes” on four items or more for 

depression (Muramatsu, Yin, & Hedeker, 2010), worse than last interview (long-term 

health), having at least one limitation in ADLs (disability), 19 points or fewer for life 

satisfaction (Diener, Emmons, Larsen, & Griffin, 1985), and below 25% average scores 

for general self-efficacy (Duan-Porter, Hastings, Neelon, & Van Houtven, 2015).  

Community. The community domain indicates neighborhood safety, access to 

community services, and civic participation. Five indicators were used to operationalize 

this domain. First, condition of home was measured with a single question: “How 

satisfied are you with the condition of the place where you live?” This variable had a 

five-point Likert-type response scale (1 = not at all satisfied, 2 = not very satisfied, 3 = 

somewhat satisfied, 4 = very satisfied, 5 = completely satisfied), with higher scores 

representing greater levels of satisfaction. Second, city/town satisfaction was measured 

with a single question: “How satisfied are you with the city or town you live in?” This 
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indicator had a five-point Likert-type response scale (1 = not at all satisfied, 2 = not very 

satisfied, 3 = somewhat satisfied, 4 = very satisfied, 5 = completely satisfied), with higher 

scores indicating greater satisfaction. Third, car availability was measured as a 

dichotomous variable (0 = available, 1 = not available) with this question: “Do you have 

a car available to use when you need one?” Fourth, two civic participation indicators 

were included in this domain rather than the social domain because these indicators were 

related to specific groups, to specific organizations, and to community. Civic 

participation: social membership was measured with two questions and four items. The 

first question (“How often do you . . .”) corresponded to three items: “. . . go to a sport, 

social, or other club?”; “. . . attend meetings of nonreligious organizations, such as 

political, community, or other interest groups?”; and “. . . attend an educational or 

training course?” These items had a seven-point Likert-type response scale (1 = never, 2 

= not in the last month, 3 = at least once a month, 4 = several times a month, 5 = once a 

week, 6 = several times a week, 7 = daily). A second question and one item used 

religious activity to measure community activity: “About how often have you attended 

religious services during the past year?” This indicator had five-point Likert-type 

response scale (1 = more than once a week, 2 = once a week, 3 = two or three times a 

month, 4 = one or more times a year, 5 = not at all). The four items were combined and 

the values of the questions dichotomized and recoded (0 = having membership, 1 = none). 

Finally, civic participation: volunteer activity was measured with one question (“How 

often do you . . .”) and two items: “. . . do volunteer work with children or young people?” 

and “. . . do any other volunteer or charity work?” These items had a seven-point Likert-

type response scale (1 = never, 2 = not in the last month, 3 = at least once a month, 4 = 
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several times a month, 5 = once a week, 6 = several times a week, 7 = daily). The two 

items were combined, and the values of the question were dichotomized and recoded (0 = 

any activity, 1 = none). 

Cut points for determining exclusion in each civic participation indicator were as 

follows: not at all satisfied or not very satisfied or somewhat satisfied with one’s home 

condition (Bucciol & Zarri, 2017), not at all satisfied or not very satisfied or somewhat 

satisfied with one’s city or town (Bucciol & Zarri, 2017), no available car, and having no 

social membership activity or volunteer activity (based on Scutella et al., 2009a). 

 Personal safety. This domain captures perceptions and experiences related to 

personal safety. Three indicators were used to measure personal safety. First, victim of 

violence was measured with a single question: “Were you the victim of a serious physical 

attack or assault in your life?” Second, victim of fraud was operationalized with this 

question: “Have you been the victim of fraud in the past five years?” Responses to these 

two questions were coded dichotomously (0 = no, 1 = yes). Finally, neighborhood safety 

was measured with one question: “Would you say the safety of your neighborhood is 

excellent, very good, good, fair, or poor?” This indicator had a five-point Likert-type 

response scale (1 = poor, 2 = fair, 3 = good, 4 = very good, 5 = excellent), with higher 

scores indicating a safer neighborhood.  

In the personal safety domain, cut points indicating potential social exclusion 

were as follows: “yes” responses to victim of violence and victim of fraud questions and 

poor or fair neighborhood safety (Tucker-Seeley, Subramanian, Li, & Sorensen, 2009).  

Covariates. Many previous studies reported that demographics have an effect on 

mortality (e.g., Brown et al., 2015; Hawton et al., 2011). Thus, as covariates, 
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demographic characteristics were used to statistically adjust for their respective 

influences on study outcomes. These were current age in years, gender (0 = female, 1 = 

male), race (White, Black, other), ethnicity (0 = non-Hispanic, 1 = Hispanic), marital 

status (married, separated or divorced, widowed, never married), and education (less than 

high school, high school graduated, college or more). 
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Data Analysis 

Data preparation and preliminary analyses. The data were carefully cleaned 

prior to initiation of the main analysis. The HRS supplies a Question Concordance, 

survey measures, and codebooks on its website (https://hrs.isr.umich.edu/documentation). 

The Question Concordance allows for scanning of metadata to locate detailed 

information such as variable names, categories, labels, and coding values. Data-cleaning 

procedures included missing data treatment to find missing data patterns. SPSS 23.0 for 

Mac was used to identify and treat missing data. In terms of missing data treatment, all 

indicators in this study have less than 10% of missing values. This indicates that missing 

data criterion by Bennett (2001), Hair, Black, Babin, and Anderson (2013), and Little, 

Jorgensen, Lang, and Moore (2013) was met.  

In addition to data-cleaning procedures, preliminary analyses were conducted to 

assess the normality of data distributions and determine whether inferential assumptions 

were met for regression analysis. Univariate analyses were conducted and descriptive 

statistics used to describe frequencies and distributions of all variables in SPSS. 

Participants of the HRS psychosocial supplement were randomly selected from the HRS 

core wave. Because the sample for this study was a random sample, data were analyzed 

from the different time points. 

Descriptive statistics. Descriptive statistics were used to summarize sample 

characteristics and compare across the two parallel datasets. Chi-square tests and t tests 

were also conducted to examine differences between both datasets. Descriptive statistics 

delineated frequencies, proportions, means, and standard deviations appropriate to the 

respective levels of measure. 
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An overview of the main data analysis. In line with the research questions, this 

study had three main data-analysis. Because the measure for social exclusion was created 

on the basis of two prevailing social exclusion frameworks, measurement properties were 

examined in terms of central tendency, variability, internal consistency, construct validity, 

and factorability. Particularly when it came to factorability, the five domains based on 

existing social exclusion frameworks might be different. In this sense, this study 

examined the differences between a conceptual approach based on existing frameworks 

and a data-driven approach based on the HRS data.  

To identify social exclusion predictors of mortality, a Cox regression was 

conducted. To shed light on the effects of domains on mortality, functional set analyses 

was used in the five separate Cox regression models. A functional set is similar to a 

group of variables in a hierarchical regression analysis. Using the value of changed chi-

square (Δχ2) from the previous block, it is possible to estimate which domains were 

statistically significant and relatively more influential. In addition, the hazard ratio 

produced during the Cox regression identified the relative effects of individual indicators 

of social exclusion on mortality. Results of this analysis indicated which indicators were 

relatively more influential. 

To examine the effect of each indicator of social exclusion on survival time, a 

Kaplan–Meier survival analysis was conducted. Results of the survival analysis provided 

graphs that revealed differences in survival times among each indicator of social 

exclusion. The following is a more detailed overview of the analyses, broken down by 

research question: 
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Research question 1: Data analysis. Central tendency, variability, internal 

consistency, and construct validity were examined using SPSS. Through descriptive 

statistics (mean, range, standard deviation, etc.), central tendency and variability were 

tested. One-sample t tests and chi-square tests provided means, standard deviations, 

percentages, and p values to estimate whether sample statistics were equivalent to 

population parameters. Results of these tests were used to determine rejection, or 

nonrejection, of the null hypotheses.  

To examine empirical social exclusion indicators/domains and factorability, 

different types of correlation coefficients were used according to levels of measurement. 

Phi coefficient (r: nominal and nominal), rank biserial (rrb: nominal and ordinal), and 

Spearman (ρ: ordinal and ordinal) correlation analyses were used (Salkind, 2016). 

Indicators that have too high (more than .80) or low (less than .20) correlation coefficient 

and were not statistically significant (p > .05) were excluded because of multicollinearity 

and weak or no relationship (Salkind, 2016). Similar methods have been used to test 

measures or scales (Blöte, Kint, & Westenberg, 2007; Prokop & Fančovičová, 2010; Seo, 

Yu, & Hah, 2001). In terms of domains, indicators that had relatively higher correlation 

coefficients were categorized into same empirical domain. In addition, as mentioned 

earlier, the numbers of domains and indicators are tentative and modifiable. Thus, social 

exclusion domains can be derived differently depending on available indicators. 

An average inter-item correlation value was calculated to provide evidence of 

reliability. There are diverse ways to analyze internal consistency reliability (e.g., 

Cronbach’s alpha). Average inter-item correlation is one of those ways (Trochim, 2006). 

This approach was most appropriate because, within this study, social exclusion 
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indicators had different attributes and response options. There are two steps for 

calculating an average inter-item correlation score. Using all of the social exclusion 

indicator items, correlation coefficients between each pair of items are computed. 

Evidence of internal consistency is determined by the majority of item correlations being 

associated at the p < .05 level. Then the average of all correlation coefficients is 

calculated. Clark and Watson (1995) provided a criterion suggesting that a good scale 

should produce an average inter-item correlation ranging between .15 and .50.  

To assess the construct validity and identify social exclusion domains, regression 

analyses were conducted with five conceptually relevant test variables: self-rated social 

status, loneliness, ongoing health problems, neighborhood social cohesion, and being 

threatened or harassed. It was hypothesized that an empirical domain would be associated 

with its conceptually corresponding test variables. For example, the health domain would 

be expected to be more highly associated with ongoing health problems than would other 

domains.  

To evaluate construct validity, five hypotheses were tested between five 

conceptual domains and their respective test variables. First, subjective social status was 

used, applying the hypothesis that the material resources domain would be more strongly 

associated with subjective social status than would other domains. Subjective social 

status was compared with all social exclusion indicators. As an HRS measure, subjective 

social status was designed in the shape of a ladder; respondents are directed to “Please 

mark an X on the rung on the ladder where you would place yourself,” with possible 

responses ranging from one to 10 and higher scores representing higher subjective social 

status.  
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Second, loneliness was used to validate the social domain, using the hypothesis 

that the social domain would be more strongly associated with loneliness than would 

other domains. Loneliness was measured with a set of 11 questions (“How much of the 

time do you feel . . .”): “. . . you lack companionship?”; “. . . left out?”; “. . . isolated from 

others?”; “. . . that you are ‘in tune’ with the people around you?”; “. . . alone?”; “. . . that 

there are people you can talk to?”; “. . . that there are people you can turn to?”; “. . . that 

there are people who really understand you?”; “. . . that there are people you feel close 

to?”; “. . . part of a group of friends?”; and “. . . that you have a lot in common with the 

people around you?” This variable had a three-point response scale (1 = often, 2 = some 

of the time, 3 = hardly ever or never). Among these 11 questions, four items were reverse 

coded: “. . . you lack companionship?”; “. . . left out?”; “. . . isolated from others?”; “. . . 

and alone?” An average score across all 11 items was used to assess loneliness, with 

higher scores indicating greater loneliness. 

Third, a single-item measure of ongoing of health problems was used to evaluate 

convergent validity under the hypothesis that the health domain would be more strongly 

associated with ongoing health problems than would other domains. The item asked 

respondents to indicate whether they have “ongoing health problems” (lasting 12 months 

or longer), and “if the problem is happening to you, [to] indicate how upsetting it has 

been.” This variable had a four-point response scale (1 = no, didn’t happen; 2 = yes, but 

not upsetting; 3 = yes, somewhat upsetting; 4 = yes, very upsetting). Higher scores 

indicated more distressing health problems.  

Fourth, neighborhood social cohesion was used, applying the hypothesis that the 

community domain would be more strongly associated with neighborhood social 
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cohesion than would other domains. Neighborhood social cohesion was assessed with a 

four-item measure using this stem: “These questions ask how you feel about your local 

area: that is everywhere within a 20 minute walk or about a mile of your home.” The 

items were as follows: “I really feel part of this area”; “Most people in this area can be 

trusted”; “Most people in this area are friendly”; and “If you were in trouble, there are 

lots of people in this area who would help you.” This measure had a seven-point response 

scale (1–7), and an average score across the four items was calculated. Higher scores 

indicated greater social cohesion.  

 Finally, being threatened or harassed was used, applying the hypothesis that the 

personal safety domain would be more strongly associated with being threatened or 

harassed than would other domains. Being threatened or harassed was measured with a 

single two-component item: “In your day-to-day life how often have any of the following 

things happened to you? – You are threatened or harassed.” This item had a six-point 

response scale (1 = almost every day, 2 = at least once a week, 3 = a few times a month, 4 

= a few times a year, 5 = less than once a year, 6 = never), and this scale was reverse 

coded. Higher scores indicated greater risk. 

Research question 2: Data analysis. To examine the relative effects of social 

exclusion domains and indicators on mortality, a Cox regression was conducted using the 

Cox regression model (also known as a “proportional-hazard model”). The Cox 

regression model is a type of survival analysis developed to estimate a hazard ratio and 

survival functions on the basis of complete or censored longitudinal data with two 

specific time points (J. Lee, 1994). The useful characteristic of the Cox regression model 

is that it allows for inclusion of multiple predictors (categorical and/or continuous 
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variables) to examine the relationships between predictors and time-to-event (Cox, 1972). 

Cox regression is very similar to linear regression, with the exception that the dependent 

variable is hazard over time. In other words, the dependent variable is the probability that 

an individual will survive to a particular time point called “hazard” (Tabachnick & Fidell, 

2006; Wright, 2000).  

The Cox regression provides a hazard ratio. This hazard ratio delineates the 

probability or likelihood of an event occurring (in this case death), and it is interpreted in 

a manner similar to relative risk and an odds ratio. A hazard ratio greater than 1 indicates 

an increased likelihood of an event occurring, whereas a hazard ratio less than 1 indicates 

a decreased likelihood of an event occurring (Iversen et al., 2000). A hazard ratio of 1 

indicates that the independent variables are not associated with mortality (Yoshihama & 

Horrocks, 2003).  

The Cox regression model assumes that the hazard function at the baseline is left 

unspecified, indicating the partial-likelihood method. That is, the partial-likelihood 

method assumes that the intervals between two time points (success or failure) do not 

contribute to information about the relationships between the covariates and the hazard 

ratio (Blake, Box-Steffensmeier, & Woo, 2010). The partial-likelihood method estimates 

the relative risk parameters in the proportional-hazards model without specifing the 

baseline hazard function (Cox, 1975) or estimates regression models for ordered survival 

(or event) times (Allison & Christakis, 1994).  

According to Allison (2010), the Cox regression analysis is appropriate to analyze 

using continuous variables and/or multiple variables with time-to-event data. Censored 

data indicate that the time of an event is unknown. This study used a right-censoring 
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which is the most common type of censoring and it indicates that an observation is 

finished before an event occurs. For example, if someone’s death has not occurred by the 

end of a study, this case is regarded as right-censored. (Hancock & Mueller, 2010; 

Tabachnick & Fidell, 2006). 

Assumptions. The Cox regression has a number of noteworthy test assumptions. 

First, a proportional-hazard assumption indicates that the effect of a given covariate does 

not change over time. That is, relative hazard should be independently consistent and 

irrespective of time change (Hess, 1995). The proportional-hazard assumption can be 

assessed through log-minus-log survival plots. Based on the plots, if there are parallel 

curves between each predictor variable and each outcome variable, this assumption is met 

(Hess, 1995; Stabile et al., 2006). Second, there should be a log-linear relationship 

between hazard function and covariates. In other words, the value of hazard ratio, taking 

the natural logarithm, should demonstrate a linear relationship with coefficients of each 

covariate (Hess, 1995). Through identification of the statistical significance of the linear 

relationship, this assumption can be assessed (Stabile et al., 2006).  

To assess the proportional-hazard assumption, both the log-minus-log plot for 

categorical indicators and a Schoenberg residuals proportional-hazard test for numerical 

indicators were considered. The Schoenberg test can be identified through partial residual 

plots using every single indicator of mortality (Raissadati, Nieminen, Jokinen, & 

Sairanen, 2015). 

Functional sets. A functional sets analysis was used to enter social exclusion 

domains into models. Put simply, functional sets are conceptually related items or sets of 

independent variables that are grouped together. Functional sets can be added to a 
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regression model sequentially to assess the additive explanatory power of different 

concepts (Cohen, Cohen, West, & Aiken, 2003). For example, in a hierarchical regression 

model, a group of variables (e.g., age, gender, ethnicity) is added under a certain 

conceptual factor (demographics), and then other concepts (sets of variables) are added 

sequentially. Researchers focus on an explained variance in the models (R2 value). 

However, Cohen et al. (2001) reported that adding too many variables in a single concept 

may decrease statistical power and increase the likelihood of spurious findings (e.g., 

single-independent-variable results). Thus, it is better to reduce the size of a functional 

set. The best way is to use a tightened conceptualization. In this study, to assess the 

effects of social exclusion domains on mortality, results of the correlation analyses and 

validity tests provided data-driven empirical domains of social exclusion among older 

adults in the United States.  

To examine the relative effects of social exclusion domains, each functional set 

with demographics was entered into the Cox regression models (the number of models 

was dependent on the results of the correlation analyses and validity tests). The material 

resources domain was regarded as a reference domain with which to compare the 

explanatory power of other domains while adjusting for demographics. For example, 

Model 1 included demographic variables and material resources indicators. Also, Model 

2 included indicators of Model 1 (for controlling demographics and material resources) 

and indicators of the social domain. In this study, changed chi-square from the previous 

step and changed chi-square from the previous block were provided. The changed chi-

square from the previous step referred to the effect of Block 1 compared with Block 0 

(null model: without any predictors). Conversely, the changed chi-square from the 
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previous block indicated the relative effect of Block 2 compared with Block 1. In other 

words, this value referred to the relative effect of an added domain compared with the 

material resources domain while demographics were controlled for.  

To examine the relative effects of social exclusion indicators on mortality, the 

hazard ratio of each indicator in the final model was considered while adjusting for the 

effect of demographics. The relative effects of social exlcusion indicators were examined 

in comparison with the hazard ratios. The separate Cox regression using functional sets 

provided chi-square values, hazard ratios, and p values. 

Research question 3: Data analysis. To examine the effects of social exclusion 

indicators on survival time, survival analysis was conducted. Survival analysis is 

commonly used in the social sciences to model time-to-event data (Guo, 2010). As data 

from the HRS allow for a consideration of time and occurrence of an event (or event 

history), survival analysis is relevant. To be specific, the dependent variables in this study 

were death status (occurrence of a death) and survival time (the actual amount of time in 

months over a 2-year maximum period).  

In terms of survival time, datasets used in this study have 2-year period (e.g., 

2010 – 2012, 2012 – 2014). Because time period was calculated based on the time 

difference between the date of completion of survey and the date of death, the maximum 

survival time can be up to 35 months. For example, someone completed survey in Jan. 

2012, and died in Dec. 2014, survival time is 35 months.  

According to Wright (2000), survival analysis has five assumptions. First, events 

from all individuals should be statistically independent. Second, “the event must 

represent a change from one of two mutually exclusive and collectively exhaustive states 
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to another” (e.g., living vs. dead; Wright, 2000, p. 369). Third, all individuals should 

have been event free when they participated in the study or in the initial assessment. 

Fourth, survival times should be measured precisely. Finally, censoring should be 

unrelated to the probability of event occurrence. 

To visualize the effect of social exclusion indiators on survival time, a bivariate 

Kaplan–Meier curve was used. The Kaplan–Meier method is an important tool for 

analyzing censored data modeling time-to-event for single or multiple groups (Efron, 

1988). Thus, separate survival analyses based on each social exclusion indicator and its 

cut point were conducted in this study (cut points are provided in Table 6). In addition, 

using the results relevant to RQ3, the relative impacts of social exclusion domains on 

survival times among older adults were estimated by observing which domains had the 

greatest proportions of influential indicators.  

The null hypothesis, indicating that the survival functions would be the same 

across two groups (excluded and nonexcluded), was tested using the log-rank statistic. 

The log-rank statistic provides a p value, which is used to either accept or reject the null 

hypothesis. The log-rank statistic is used to test the equivalence of survival functions for 

different groups (Goel, Khanna, & Kishore, 2010; Kleinbaum & Klein, 2012; Wright, 

2000) and is chi-square distributed. If the value of the chi-square test is statistically 

significant, then survival functions are considered different. The larger the log-rank 

statistic, the more likely it is that the survival functions are different across groups 

(Wright, 2000). Thus, survival functions of different groups can be compared. Based on 

the Kaplan–Meier curves, the plots provided the percentages of individuals who were 

“death-free,” or survived as a function of time. 
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Chapter 4. Results 

Descriptive Statistics and Bivariate Analysis 

 Table 7 illustrated data on the characteristics of the sample. As mentioned earlier, 

a total of 501 respondents died between the selected HRS survey waves (2012 to 2014). 

The mean age of the sample was 75.42 years (SD = 6.95). Among the 8,439 cases, 4,881 

were female (57.8%) and 3,558 male (42.2%). Caucasian individuals made up 84.7% of 

the sample, whereas African American respondents and other racial groups accounted for 

11.8% and 3.5%, respectively. Most of the sample was non-Hispanic (92.8%), and a 

majority of respondents were married (58.6%). In terms of education, more than half of 

respondents were high school graduates or had a GED (55.7%); about a quarter (24.9%) 

had college experience, and 19.4% had less than a high school education. Among 

deceased individuals, the average survival time was 12.88 (SD = 6.80) months. 

 On the basis of bivariate analyses, there were no differences between two datasets 

(2010–2012 and 2012–2014) with exception of four indicators (ethnicity, social activity, 

life satisfaction, and general self-efficacy). Even though these indicators were statistically 

different (likely due to the robust sample size), actual numbers of cases or percentages 

were similar. For example, the number of non-Hispanic respondents from the 2010 core 

wave was 4,106 (93.7%), whereas the number from the 2012 core wave was 3,727 

(92.0%). In terms of social activity, 3,632 respondents (82.8%) from the 2010 core wave 

reported having some activity, while 3,307 respondents (81.6%) from the 2012 core wave 

had social activity. On the basis of the results, two different samples were similar and 

considered stable and valid. 
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Table 7  

Descriptive Statistics and Comparisons between Two HRS Core Waves 

 

Variable 

Full sample 

(N = 8,439) 

2010 core 

(n = 4,384) 

2012 core 

(n = 4,055) 

 

p 

Survival time (months; n = 501): M (SD) 12.88 (6.80) 13.00 (6.67) 12.76 (6.93) .698 

Age (years): M (SD) 75.42 (6.95) 75.29 (7.00) 75.56 (6.88) .075 

Gender    .089 

Female 4,881 (57.8%) 2,497 (57.0%) 2,384 (58.8%)  

Male 3,558 (42.2%) 1,887 (43.0%) 1,671 (41.2%)  

Race    .389 

Caucasian 7,145 (84.7%) 3,734 (85.2%) 3,411 (84.1%)  

African American 995 (11.8%) 505 (11.5%) 490 (12.1%)  

Other 296 (3.5%) 145 (3.3%) 151 (3.7%)  

Missing 3 (0.01%) — 3 (0.01%)  

Ethnicity    <.01 

Non-Hispanic 7,833 (92.8%) 4,106 (93.7%) 3,727 (92.0%)  

Hispanic 604 (7.2%) 278 (6.3%) 326 (8.0%)  

Missing 2 (0.01%) — 2 (0.01%)  

Marital status    .055 

Married 4,945 (58.6%) 2,629 (60.0%) 2,316 (57.1%)  

Separated/divorced 953 (11.3%) 470 (10.7%) 483 (11.9%)  

Widowed 2,359 (28.0%) 1,195 (27.3%) 1,164 (28.7%)  

Never married 180 (2.1%) 89 (2.0%) 91 (2.2%)  

Missing 2 (0.01%) 1 (0.01%) 1 (0.01%)  

Education      .222 

Less than high school 1,633 (19.4%) 821 (18.7%) 812 (20.0%)  

High school or GED 4,708 (55.7%) 2,481 (56.6%) 2,227 (54.9%)  

College or more 2,098 (24.9%) 1,082 (24.7%) 1,106 (25.1%)  

Income     1.000 

Very low 1,682 (19.9%) 874 (19.9%) 808 (19.9%)  

Low 1,685 (20.0%) 876 (20.0%) 809 (20.0%)  

Medium 1,689 (20.0%) 877 (20.0%) 812 (20.0%)  

High 1,689 (20.0%) 877 (20.0%) 812 (20.0%)  

Very high 1,694 (20.1%) 881 (20.1%) 814 (20.1%)  

Total nonhousing wealth    1.000 

Very low 1,681 (19.9%) 874 (19.9%) 807 (19.9%)  

Low 1,685 (20.0%) 877 (20.0%) 808 (19.9%)  

Medium 1,689 (20.0%) 875 (20.0%) 814 (20.1%)  

High 1,687 (20.0%) 877 (20.0%) 810 (20.0%)  

Very high 1,697 (20.1%) 881 (20.1%) 816 (20.1%)  

Home ownership    .909 

Own 6,937 (82.2%) 3,606 (82.3%) 3,331 (82.1%)  

Not own 1,502 (17.8%) 778 (17.7%) 724 (17.9%)  

Financial hardship     .703 

Not at all difficult 3,944 (46.7%) 2,046 (46.7%) 1,898 (46.8%)  

Not very difficult 2,268 (26.9%) 1,173 (26.8%) 1,095 (27.0%)  

Somewhat difficult 1,590 (18.8%) 831 (19.0%) 759 (18.7%)  

  Very difficult 342 (4.1%) 185 (4.2%) 157 (3.9%)  

Completely difficult 98 (1.2%) 56 (1.0%) 53 (1.3%)  

Missing 197 (2.3%) 104 (2.3%) 93 (2.3%)  

Employment status    .591 

Employed 1,178 (14.0%) 630 (14.4%) 548 (13.5%)  

No or retired 6,815 (80.8%) 3,584 (81.8%) 3,231 (79.7%)  
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Table 7  

(Continued) 

Missing 446 (5.2%) 170 (3.9%) 276 (6.8%)  

Social support: M (SD) 23.28 (3.85) 23.30 (4.06) 23.25 (3.59) .555 

Social activity     <.05 

Any activity 6,939 (82.3%) 3,632 (82.8%) 3,307 (81.6%)  

No 987 (11.7%) 482 (11.0%) 505 (12.5%)  

Missing   513 (6%) 270 (6.2%) 243 (5.9%)  

Self-rated health    .403 

Poor  577 (6.8%) 294 (6.7%) 283 (7.0%)  

Fair 1,697 (20.1%) 863 (190.7%) 834 (20.6%)  

Good  2,859 (33.9%) 1,474 (33.7%) 1,385 (34.2%)  

Very good 2,603 (30.8%) 1,368 (31.2%) 1,235 (30.5%)  

Excellent 694 (8.2%) 381 (8.7%) 313 (7.7%)  

Missing 9 (0.01%) 4 (0.01%) 5 (0.1%)  

Depression (CES-D; 0–8) 1.28 (1.81) 1.29 (1.81) 1.27 (1.81) .660 

Long-term health    .314 

Worse 2,362 (28.0%) 1,231 (28.1%) 1,131 (27.9%)  

About the same 5,242 (62.1%) 2,687 (61.3%) 2,555 (63.0%)  

Better 754 (8.9%) 408 (9.3%) 346 (8.5%)  

Missing 81 (1.0%) 58 (1.3%) 23 (0.6%)  

Disability: M (SD) .38 (.99) .38 (.99) .39 (.98) .817 

Life satisfaction (5–35)a 24.96 (7.40) 25.16 (7.40) 24.74 (7.41) <.05 

General self-efficacy (0–10)b 7.47 (2.00) 7.53 (1.94) 7.41 (2.06) <.01 

Condition of home     .471 

Not at all satisfied 57 (0.7%) 25 (0.6%) 32 (0.8%)  

Not very satisfied 204 (2.4%) 111 (2.5%) 93 (2.3%)  

Somewhat satisfied 1,152 (13.7%) 600 (13.7%) 552 (13.6%)  

Very satisfied 2,926 (34.7%) 1,497 (34.1%) 1,429 (35.2%)  

Completely satisfied 3,931 (46.6%) 2,071 (47.2%) 1,860 (45.9%)  

Missing 169 (2.0%) 80 (1.8%) 89 (2.2%)  

City/town satisfaction    .248 

Not at all satisfied 42 (0.5%) 18 (0.4%) 24 (0.6%)  

Not very satisfied 210 (2.5%) 112 (2.6%) 98 (2.4%)  

Somewhat satisfied 1,199 (14.2%) 600 (13.7%) 599 (14.8%)  

Very satisfied 3,135 (37.1%) 1,617 (36.9%) 1,518 (37.4%)  

Completely satisfied 3,657 (43.3%) 1,942 (44.3%) 1,715 (42.3%)  

Missing 196 (2.3%) 95 (2.2%) 101 (2.5%)  

Car availability     .061 

Available  6,982 (82.7%) 3,659 (83.5%) 3,323 (81.9%)  

Not available  1,455 (17.3%) 723 (16.5%) 732 (18.1%)  

Missing  2 (0.01%) 2 (0.01%) —  

Social membership    .921 

Yes 7,018 (83.2%) 3,643 (83.1%) 3,375 (83.2%)  

  No 1,067 (12.6%) 552 (12.6%) 515 (12.7%)  

 Missing 354 (4.2%) 189 (4.3%) 165 (4.1%)  

Voluntary activity    .982 

Yes 4,179 (49.5%) 2,163 (49.3%) 2,016 (49.7%)  

No 3,952 (46.8%) 2,044 (46.6%) 1,908 (47.1%)  

Missing 308 (3.6%) 177 (4.0%) 131 (3.2%)  

Victim of violence    .829 

No 7,885 (93.5%) 4,095 (93.4%) 3,790 (93.5%)  

Yes 356 (4.2%) 187 (4.3%) 169 (4.2%)  
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Table 7  

(Continued) 

Missing 198 (2.3%) 102 (2.3%) 96 (2.3%)  

Victim of fraud    .199 

No 7,869 (93.3%) 4,101 (3.5%) 3,768 (92.9%)  

Yes 366 (4.3%) 178 (4.1%) 188 (4.6%)  

Missing 204 (2.4%) 105 (2.4%) 99 (2.4%)  

Neighborhood safety    .179 

Poor  136 (1.6%) 72 (1.6%) 64 (1.6%)  

Fair 592 (7.0%) 298 (6.8%) 294 (7.3%)  

Good  1,780 (21.1%) 889 (20.3%) 891 (22.0%)  

Very good 2,858 (33.9%) 1,493 (34.1%) 1,365 (33.7%)  

Excellent 2,952 (35.0%) 1,578 (36.0%) 1,374 (33.9%)  

Missing 121 (1.4%) 54 (1.2%) 67 (1.7%)  

Note. Dashes in cells indicate the range of values. HRS = Health and Retirement Study 

(https://hrs.isr.umich.edu/about); CES-D = Center for Epidemiologic Studies Depression Scale 

(higher values indicate greater depressive symptoms). 

aHigher values indicate more satisfaction with life. bHigher values indicate greater perceived 

personal control.  
 

Correlation Analysis  

 Correlation analysis. The results of correlation analyses are provided in Table 8. 

They show that three indicators (volunteer activity, victim of violence, and victim of 

fraud) were questionable for use as social exclusion indicators due to their very low 

correlations with other indicators (correlation coefficients (r) less than .20) or were not 

statistically significant (p > .05). Thus, a total of 18 social exclusion indicators were used 

to conduct other analyses. Among the 18 indicators, the highest correlation coefficient 

was .67, between condition of home and city/town satisfaction (p < .001). 

 On the basis of correlation analyses, this study examined potential social 

exclusion domains (confirmation of empirical social exclusion domains is provided on 

the basis of results of validity tests). The indicators with relatively high correlation 

coefficients were categorized into a same potential social exlcusion domain. Results 

showed that there were four social exclusion domains (material resources, social, health, 

and community), and the composition of these domains was different from the conceptual 

https://hrs.isr.umich.edu/about
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domains based on previous studies (Levitas et al., 2007; Scutella et al., 2009a). First, the 

material resources domain included income, wealth, home ownership, financial difficulty, 

employment status, and car availability. Originally, the car availablity indicator was 

hypothesized to represent accessibility of social services and was included in a 

community (Lucas, 2012) or an access to services domain (Barnes et al., 2006). However, 

in this study, the car availability indicator had relatively higher correlations with income 

(rrb = −.31, p < .001), wealth (rrb = −.31, p < .001), home ownership (r = .31, p < .001), 

financial difficulty (rrb = .12, p < .001), and employment status (r = .14, p < .001).  
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 Second, the social domain included the social activity and social membership 

indicators. The social activity indicator had higher correlation coefficients with income 

(rrb = −.22, p < .001), wealth (rrb = −.23, p < .001), car availability (r = .25, p < .001), 

and social membership (r = .22, p < .001). However, on the basis of previous studies, 

inclusion of social activity in the material resources domain might be questionable. Thus, 

the social activity indicator was categorized into the social domain with the social 

membership indicator. In addition, the social membership indicator had relatively lower 

coefficients with the indicators of the material resources domain than did the social 

activity indicator.  

 Third, the health domain consisted of self-rated health, depression (CES-D), long-

term health, disability (ADLs), life satisfaction, and general self-efficacy. The self-rated 

health indicator had relatively higher coefficients (>.30, p < .001) with all other health-

related indicators. The depression indicator was also relatively highly correlated with 

disability (rho = .32, p < .001) and life satisfaction (rho = −.35, p < .001). The life 

satisfaction indicator was also relatively highly correlated with general self-efficacy (rho 

= .38, p < .001). Conversely, the indicators of the health domain had relatively low 

correlation coefficients with indicators from other domains, mainly less than .20.  

 Finally, social support, condition of home, city/town satisfaction, and 

neighborhood safety were initially categorized into the community domain. The social 

support indicator had relatively higher correlation coefficients with the indicators of the 

health domain: life satisfaction (rho = .27, p < .001) and general self-efficacy (rho = .24, 

p < .001). However, as with the social activity indicator, categorization of the social 

support indicator in the health domain might be questionable. Because the social support 



 

 72 

indicator was also correlated with condition of home (rho = .22, p < .001) and city/town 

satisfaction (rho = .22, p < .001), the social support indicator was categorized into the 

community domain. The neighborhood safety indicator was correlated with income (rho 

= .23, p < .001), wealth (rho = .27, p < .001), condition of home (rho = .24, p < .001), 

and city/town satisfaction (rho = .25, p < .001). However, neighborhood safety was 

included in the community domain because it was less related to other indicators from the 

material resources domain: home ownership (rrb = −.08, p < .001), financial difficulty 

(rho = −.19, p < .001), employment status (rrb = −.03, p < .05), and car availability (rrb = 

−.12, p < .001). 

 Average inter-item correlation for testing internal consistency reliability. To 

test internal consistency reliability, an average inter-item correlation was conducted. On 

the basis of the results of correlation analyses, three indicators (volunteer activity, victim 

of violence, and victim of fraud) were excluded. Each correlation coefficient of the 18 

indicators was used to calculate the average value. Results showed that average inter-item 

correlation with the included social exclusion indicators was .16. This result fits with the 

criteria suggested by Clark and Watson (1995), which ranged between .15 and .50. The 

result suggested that the included 18 social exclusion indicators had reliable internal 

consistency.  

Regression Analysis to Confirm Domains and Test Validity 

 To confirm social exclusion domains and test validity, multiple regression 

analyses were conducted using five test variables (subjective social status, loneliness, 

ongoing health problem, social cohesion, and being threatened or harassed). The results 

of regression analyses are provided in Table 9. First, income ( = .14, p < .001), wealth 
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( = .15, p < .001), financial difficulty ( = −.18, p < .001), and employment status ( = 

−.03, p < .05) were statistically significantly associated with subjective social status. Of 

course, indicators from other domains also were statistically significant, for example life 

satisfaction ( = .11, p < .001) and neighborhood safety ( = .07, p < .001). However, 

these indicators had relatively weaker associations with subjective social status than did 

indicators of the material resources domain. Second, in terms of loneliness, social activity 

( = .05, p < .001) and social membership ( = .07, p < .001), the indicators of the social 

domain, were statistically significant. Third, for ongoing health problems, all indicators 

of the health domain were statistically significant. Specifically, self-rated health ( = 

−.38, p < .001), depression ( = .06, p < .001), long-term health ( = −.10, p < .001), 

disability ( = .07, p < .001), life satisfaction ( = −.08, p < .001), and general self-

efficacy ( = −.12, p < .001) were associated with the ongoing health problems variable. 

Fourth, with exception of condition of home, indicators of the community domain—

social support ( = .06, p < .001), city/town satisfaction ( = .22, p < .001), and 

neighborhood safety ( = .24, p < .001)—were statistically significant. The influence of 

these indicators on social cohesion was relatively higher than that of other indicators. 

Finally, even though there was no longer a domain related to personal safety, a regression 

analysis with the being threatened or harassed variable was conducted. Some indicators—

such as income ( = .05, p < .001), depression ( = .05, p < .001), and city/town 

satisfaction ( = −.07, p < .001)—were statistically significant, but their influence was 

relatively weak. 
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Table 9  

Validity Testing with the Four Social Exclusion Domains 

 

 

Indicators 

Subjective 

social status 

 

Loneliness 

 

Health 

Social 

cohesion 

Threatened/ 

harassed 

 SE  SE  SE  SE  SE 

Income quintile (1–5) .14*** .02 -.08*** .00 .04** .01 -.04** .01 .05** .01 

Wealth quintile (1–5) .15*** .02 -.001 .00 .02 .01 .06*** .01 -.01 .01 

Home ownership -.01 .06 .03* .01 .01 .03 -.07*** .05 .01 .02 

Financial difficulty (1–5) -.18*** .03 -.03** .01 .04** .01 -.03* .02 .03* .01 

Employment status -.03* .06 .001 .01 .05*** .03 -.02 .05 -.03* .02 

Car availability .01 .06 -.02 .02 .03* .03 .02 .05 .01 .02 

Social activity -.06*** .07 .05*** .02 -.02 .04 -.04*** .06 -.01 .03 

Social membership -.03* .06 .07*** .01 -.02 .03 -.03* .05 -.01 .02 

Self-rated health (1–5) .04* .02 .02 .01 -.38*** .01 -.03* .02 .02 .01 

Depression (0–8) -.02 .01 .18*** .00 .06*** .01 -.03* .01 .05*** .01 

Long-term health (1–3) -.01 .04 .01 .01 -.10*** .02 -.004 .03 .01 .01 

Disability (0–5) .05*** .03 -.02 .01 .07*** .01 .04** .02 .02 .01 

Life satisfaction (5–35) .11*** .00 -.19*** .00 -.08*** .00 .05** .00 -.02 .00 

Self-efficacy (1–4) .11*** .01 -.17*** .00 -.12*** .01 .09*** .01 -.04** .00 

Social support (7–28) .02 .01 -.27*** .00 -.01 .00 .06*** .01 -.14*** .00 

Condition of home (1–5) .07*** .03 -.003 .01 -.04** .02 .01 .03 -.05** .01 

City/town satisfaction (1–5) .004 .03 -.07*** .01 .01 .02 .22*** .02 -.07*** .01 

Neighborhood safety (1–5) .04*** .02 -.003 .01 .05*** .01 .24*** .02 -.02 .01 

     R2 .294 .341 .352 .230 .067 

     F 126.45*** 160.63*** 175.57*** 94.94*** 23.33*** 

Note. Variables without parenthetical ranges are binary indicators. 

The material resources domain: income, wealth, home ownership, financial difficulty, 

employment status, and car availability; the social domain: social activity and social membership; 

the health domain: self-rated health, depression, long-term health, disability, life satisfaction, and 

self-efficacy; the community domain: social support, condition of home, city/town satisfaction, 

neighborhood safety. 

*p < .05. **p < .01. ***p < .001. 

 

 Results of regression analyses showed that each domain was associated with its 

conceptually related testing variable (material resources–subjective social status, social–
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loneliness, health–ongoing health problems, and community–social cohesion). Thus, the 

evidence suggested convergent validity for the four social exclusion domains in this study.  

 Many indicators were associated with the five relevant test variables. For example, 

most of the indicators from the health domain were statistically associated with subjective 

social status, loneliness, and social cohesion. However, not all indicators were 

statistically significant. Specifically, depression ( = .18, p < .001), life satisfaction ( = 

−.19, p < .001), and general self-efficacy ( = −.17, p < .001) were associated with 

loneliness, whereas self-rated health, long-term health, and disability were not 

statistically significant. Conversely, all indicators from the social domain were associated 

with loneliness. In other words, generally, indicators within the same domain are more 

likely to be associated with conceptually corresponding test variables and have higher 

regression coefficients than the other indicators. In addition, with the exception of the 

long-term health indicator, all indicators from the health domain were associated with 

social cohesion. However, in comparison with the indicators from the community domain, 

their influence was relatively weak. 

Cox Regression Analysis 

To explore the effects of social exclusion domains and indicators on mortality, a 

Cox regression analysis was conducted. Assumption tests, the influence of domains 

through functional sets, and the effects of each indicator on mortality were examined. In 

terms of assumptions, the proportional-hazard assumptions were tested. The log-minus-

log plots of each indicator and the dependent variables showed parallel curves (the plots 

are shown in Appendix C). Results of the Schoenberg residuals proportional-hazard test 
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(partial residual plots) also indicated that the assumption of the proportional-hazard 

function was met.  

 Relative effects of social exclusion domains. To explore the relative effects of 

domains, the confirmed social exclusion domains were entered as functional sets into 

different models. The material resources domain was a reference domain to compare the 

explanatory power of other domains, while also adjusting for demographics. Model 1 

included demographics as covariates (Block 1) and the material resources domain (Block 

2). Model 2 included demographics as covariates and the material resources domain as a 

reference group, which were entered into Block 1, and the social domain (Block 2). In the 

same vein, demographics and the material resources domain were entered into Block 1 

and the health domain was entered into Block 2 in Model 3. In Model 4, the community 

domain was included in Block 2 to compare its explanatory power with that of the 

material resources domain while adjusting for demographics. This study provided two 

chi-square values: changed in chi-square from the previous step and changed in chi-

square from the previous block. The values of changed in chi-square from the previous 

step were from Block 1 of each model, while the values of changed in chi-square from 

the previous block were from Block 2. In other words, the values of chi-square change 

from the previous step provided a prediction compared with a null model (no predictors). 

The values of the chi-square change from the previous block provided a prediction 

compared with Block 1.  

 The results of Cox regression analyses are provided in Table 10. First, in terms of 

the Model 1, the demographic model, χ2(10) = 296.80, p < .001, was statistically 

significant. The relative impact of the material resources domain was increased, χ2(6) = 
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118.69, p < .001 relative to the demographics. Second, in Model 2, Block 1 (the 

demographic and material resources domains) was statistically significant, χ2(16) = 

386.38, p < .001. Also, the social domain was significant, χ2(2) = 33.53, p < .001. Third, 

the results of Model 3 showed that Block 1 (the demographic and material resources 

domains) was statistically significant, χ2(16) = 319.63, p < .001. In addition, the health 

domain was significant, χ2(6) =102.23, p < .001. Finally, the results of Model 4 showed 

that Block 1 was statistically significant, χ2(16) = 320.61, p < .001. However, the 

community domain was not statistically significant, χ2(4) = 5.74, p > .05. According to 

these results, the relative effect of the material resources domain was greater than the 

effects of other domains. The health domain was the second most influential domain. 

However, the impact of the community domain was not statistically significant. In other 

words, on the basis of the Cox regression results with functional sets, three domains were 

significant, and the material resources domain had a higher explanatory power than the 

other social exclusion domains.  

 Effect of social exlcusion indicators on mortality. Cox regression was 

conducted to estimate the impact of each social exclusion indicator on mortality after 

assessing and meeting the assumptions of proportional hazards. The overall model was 

significant, χ2(28) = 343.42, p < .001. Tests of individual parameters and the overall 

model (Model 5) are presented in Table 10. In terms of demographic variables, the hazard 

ratio (HR) for male was significant, 2.20, p < .001, 95% CI [1.67, 2.89]. The HR for age 

also was statistically significant, 1.09, p < .001, 95% CI [1.06, 1.11]. 

 In the material resources domain, significant effects were found for wealth, HR = 

0.87, p < .05, 95% CI [0.77, 0.98], and car availability, HR = 1.49, p < .05, 95% CI [1.09, 
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2.05]. However, four indicators were not significant independent predictors of mortality: 

income, HR = 0.95, p = .37, 95% CI [0.84, 1.07]; home ownership, HR = 0.76, p = .10, 

95% CI [0.55, 1.06]; financial difficulty, HR = 1.00, p = 1.00, 95% CI [0.87, 1.15]; and 

employment status, HR = 1.41, p = .19, 95% CI [0.84, 2.36].  

 Both social activity, HR = 1.38, p < .05, 95% CI [1.00, 1.89], and social 

membership, HR = 1.62, p < .01, 95% CI [1.21, 2.17], indicators of the social domain, 

were significant predictors of mortality. In the health domain, self-rated health, HR = 

0.68, p < .001, 95% CI [0.59, 0.79], and disability, HR = 1.16, p < .01, 95% CI [1.05, 

1.27], had statistically significant associations with mortality. However, the remaining 

four indicators in the health domain as well as all of indicators from the community 

domain were not statistically significant.  

 According to these results, for each 1-point increase in wealth, the rate of death in 

the study period decreased 13%, indicating that increased wealth was associated with 

decreased probability of death. Individuals who did not have an available car had a 49% 

higher rate of death than did those who did. When it comes to the social domain, people 

who were socially inactive and people who did not have social memberships/civic 

participation had 38% and 62% higher rates of death during the study period, respectively, 

compared with those who were socially active and had social memberships. In terms of 

the health domain, for each 1-point increase in self-rated health, the rate of death 

decreased by 32%, indicating that better health was associated with decreased rate of 

death. Also, for each 1-point increase in disability, the rate of death increased by 16% by 

a factor of 1.16, indicating that higher levels of functional dependency were related to an 

increased likelihood of death.  
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 In terms of demographic variables, two categories were associated with mortality: 

age, HR = 1.09, p < .001, 95% CI [1.06, 1.11]; and gender (female vs. male), HR = 0.46, 

p < .001, 95% CI [0.35, 0.60]. For each 1-year increase in age, the hazard of dying 

increased by 9%, indicating that older people had a higher risk of death. Male 

respondents had a 120% higher rate of death than did female respondents.  
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Kaplan–Meier Survival Analysis 

To visualize the effects of social exclusion indicators on survival time, bivariate 

Kaplan–Meier curves and log-rank test statistics were used (see Figure 5) with a total of 

18 indicators. To conduct Kaplan–Meier survival analyses, all indicators were 

dichotomized (0 = nonexcluded, 1 = excluded) on the basis of the empirical cut points 

from previous studies.  

As mentioned, survival time among deceased individuals can be up to 35 months. 

However, there were only 22 deceased participants beyond 24 months. A lack of 

information affected the results of survival analysis. Specifically the results showed a 

plateau after 24 months. Thus, those people were excluded to minimize a censoring issue 

due to the lack of information. Also, there were subtle differences (less than 1%) between 

the results from the full sample and sample without the 22 participants. The results of 

survival analysis using the full sample were provided in Appendix D. 

The Kaplan–Meier curves and log-rank test statistics showed that all social 

exclusion indicators were significantly associated with higher death rates except for 

social support (p = .99), city/town satisfaction (p = .96), and neighborhood safety (p 

= .28). Specifically, Kaplan–Meier survival estimates revealed that survival rates were 95% 

in respondents with higher incomes and 91.6% in respondents with below 20% incomes 

(p < .001). The survival rate among individuals in the first quintile of wealth was lower 

(92.1%) than that of those who had above the second quintile of wealth (94.9%, p < .001). 

People who owned a home reported 95.1% of the death-free rate, whereas those who did 

not own a home reported 90.4% of the death-free rate (p < .001). Respondents who had 

financial hardship had a lower survival rate (93.3%) than those who did not (94.9%, p 
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< .01). Employed people reported a higher death-free rate (98.1%) than did those who 

were unemployed or retired (93.8%, p < .001). Respondents who had an available car 

reported a higher survival rate (96.1%) than did those who did not have a car (85.6%, p 

< .001). The survival rates were 95.3% among respondents who had social activity and 

87.9% among respondents who did not have social activity (p < .001). The death-free rate 

among respondents who had social membership was higher (95.1%) than that for those 

who did not (89%, p < .001). 

Healthier individuals reported a higher survival rate (96.6%) than did those who 

reported fair or poor health condition (87.9%, p < .001). People with higher depression 

had a lower survival rate (92%) than did those who had no or low levels of depression 

(95.3%, p < .001). The survival rates were 95.9% in respondents with same or better 

health compared to the last interview and 90.3% in respondents who had worse health 

than at the time of the last interview (p < .001). In terms of disability, people with no 

functional limitation reported a higher survival rate (96%) than did those who had at least 

one limitation (87.5%, p < .001).  

Higher life satisfaction (95.6%) and general self-efficacy (95.8%) were associated 

with the higher survival rates, while lower life satisfaction (90.8%) and general self-

efficacy (89.5%) lowered survival rates (p < .001). Finally, the survival rates were 94.7% 

in respondents who were satisfied with their home condition and 93.2% in respondents 

with lower satisfaction with their home condition (p < .05). 
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Figure 5. Kaplan–Meier plots of significant social exclusion indicators.  
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Chapter 5. Discussion 

 This chapter includes a summary and interpretation of the key findings of this 

study; the study’s limitations and strengths; its implications for policy, practice, and 

research; and a conclusion. The key findings are described to provide a better 

understanding of current knowledge; however, a lack of literature on the relationships 

between social exclusion and mortality among older adults makes comparison of the key 

findings of this study with those of prior studies difficult. Thus, the key findings of this 

study are compared with those of previous studies that dealt with individual indicators of 

social exclusion.  

Summary of Findings 

Measurement properties and available social exclusion domains and 

indicators. This study found out that there were differences between conceptual and 

empirical frameworks for measuring social exclusion. Number of indicators and 

composition of domains vary depending on dataset. In terms of indicators, with exception 

of the employment status, social support, and volunteer activity indicators, the prevalence 

of social exclusion indicators ranged between 8.6% and 28.0%. The presence of indicator 

referred to some degree of social exclusion (Scutella et al., 2009a). For example, the 

home ownership indicator showed that 17.8% of participants did not own a home, and 

26.9% of participants reported that they had poor or fair health. In addition, the 

prevalence of risk markers of the rest of the indicators showed similar percentages (e.g., 

financial difficulty = 24.1%, car unavailability = 17.2%, worse long-term health = 28.0%, 

limited ADLs = 18.4%, low life satisfaction = 21.0%, not satisfied with home condition = 

16.7%). These percentages are consistent with the findings of previous studies. Becker 
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and Boreham (2009) determined thresholds on social exclusion indicators using the 

prevalence of values. Usually, they used binary variables (marked by presence or absence 

of risk) to determine thresholds of social exclusion indicators. However, if there were 

multiple answer categories on a question or multiple questions, Becker and Boreham 

(2009) defined possible thresholds on the basis of the prevalence of risk markers ranging 

from 15% to 20% given by the U.K. government. This indicates that Becker and 

Boreham (2009) used the approximate range to set a cut-off threshold of each risk factor. 

Even though the threshold of risk for each factor is relative and arbitrary, the prevalence 

of the risk markers (15%–20% people in the latent class) was used for questions with 

multiple response categories.  

Scutella et al. (2009a) reported that approximately 25% of the Australian 

population were experiencing social exclusion. Thus, the prevalence of indicators based 

on the HRS showed that some degree of social exclusion among older adults in the U.S. 

was a similar level to previous studies. In addition, estimation of social exclusion based 

on the HRS was reasonable. However, what should not be overlooked is the fact that 

direct comparisons with previous studies are challenging because each study had 

different indicators or domains and cutoff thresholds. It indicates that it is possible to 

estimate the approximate prevalence of social exclusion among older adults in the United 

States. If cognitively impaired and institutionalized older adults were included, this 

percentage would likely increase.  

This study used 21 social exclusion indicators from the HRS. However, the 

findings from the correlation analyses showed that three indicators (volunteer activity, 

victim of violence, and victim of fraud) did not correlate with other indicators, and 
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therefore these indicators were removed. The 18 indicators were used to measure social 

exclusion. This indicates that the number of social exclusion indicators varies depending 

on the dataset being analyzed and its target populations. According to the results of 

correlation analyses, the indicators used in this study were different from the conceptual 

social exclusion indicators that were used in the B-SEM (Levitas et al., 2007) and the 

empirical frameworks, mainly where Scutella et al. (2009a) identified 21 indicators. Thus, 

the results of this study suggest that social exclusion indicators are tentative and 

modifiable.  

Based on the 18 indicators, the results of correlation analyses showed four study 

domains: material resources, social, health, and community. Income, wealth, home 

ownership, financial difficulty, employment status, and car availability were categorized 

into the material resources domain. The social domain included social activity and social 

membership. Self-rated health, depression, long-term health, disability, life satisfaction, 

and general self-efficacy were categorized into the health domain. In addition, the 

community domain included social support, condition of home, city/town satisfaction, 

and neighborhood safety. According to derived social exclusion indicators, the 

compositions of the social exclusion domain were different from previous research. The 

results of this study showed that the four social exclusion domains contained different 

numbers of social exclusion indicators as compared to the 10 domains by the B-SEM and 

the seven domains identified by Scutella et al. (2009a).  

However, results of the correlation analyses do not guarantee a clear distinction 

between the social exclusion domains. For example, the social support indicator had a 

relatively high correlation with the indicators from the health domain (e.g., life 
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satisfaction, general self-efficacy). However, the social support indicator was categorized 

into the community domain because it was also highly correlated with condition of home 

and city/town satisfaction. In the case of complex correlations, the results related to the 

social exclusion domains were interpreted to be consistent with the existing conceptual 

frameworks.  

Results supported the reliability and validity of the 18 indicators and four domains. 

The internal consistency reliability test (average inter-item correlation) showed that the 

18 social exclusion indicators had acceptable reliability. To test construct validity, the 

relationships between five respective test variables and the four study domains were 

tested. Each social exclusion domain was statistically significant and more strongly 

associated with the respective, conceptually related test variables (material resources–

subjective social status, social–loneliness, health–ongoing health problems, and 

community–social cohesion). When assessed with the being threatened/harassed test 

variable, some social exclusion indicators were statistically significant; however, the 

associations were very weak. Thus, according to the results of correlation and regression 

analyses, the number of confirmed social exclusion domains differed from previous 

frameworks, where Levitas et al. (2007) reported 10 social exclusion domains and 

Scutella et al. (2009a) identified seven. However, the four domains identified in this 

study were also found in the other studies detailed in Table 3. In addition, similar social 

exclusion domains have been described in previous literature. Although available 

indicators are different, the differences in domains are relatively small. This indicates that 

social exclusion domains have some degree of stability because the domains derived from 

this study are similar to the domains used in previous studies. For example, Scharf, 
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Phillipson, and Smith (2005) and Dahlberg and McKee (2018) used five domains 

(material resources, social relations, civic activities, basic services, and neighborhood) to 

operationalize social exclusion. These five domains generally correspond with the four 

domains derived in this study. Three domains (material resources, social relations, and 

neighborhood) directly match with the material resources, social, and community 

domains. However, these previous studies did not use health-related variables as social 

exclusion indicators. Instead, the basic service domain included quality of health-care 

service. Although not all four domains from the current study may correspond with those 

in previous studies, the results of this study suggest that these four common domains are 

important for addressing social exclusion.  

Findings from correlation analyses imply that available social exclusion indicators, 

number of indicators, and compositions of domains can vary when different datasets are 

used. Scutella et al. (2009a) used the HILDA survey and provided seven domains: 

material resources, employment, education and skill, health and disability, social, 

community, and personal safety. However, according to the results of the present study, 

only four domains emerged. In contrast with the Scutella and colleagues’ framework, this 

study excluded the employment, education and skill, and personal safety domains. 

Because the HILDA survey collects information from a working-age population in 

Australia and focuses on income and labor market, it has many indicators related to 

employment and education. However, this study identified social exclusion domains and 

indicators in an older population (65 and over) from the HRS in the United States. Thus, 

the numbers and characteristics of available indicators are different, and the indicators 
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used in the measurement of social exclusion are dependent on the dataset used, 

population of interest, and setting.  

The difference in the composition of the social exclusion domains may be 

attributable to different datasets and target populations. Thus, to compare social exclusion 

among older adults in the United States, future studies that focus on secondary data and 

the older population should expand the pool of empirical evidence about measurement of 

social exclusion using different waves of the HRS or different datasets. Moreover, 

datasets may influence available variables and domains. These issues are a major 

disadvantage in the measurement and evaluation of social exclusion, especially for cross-

cultural comparisons. In addition, measuring social exclusion, an abstract concept, may 

be challenging using only quantitative measures. Further research should focus on the 

development of social exclusion scales, variables, and indicators. As mentioned, to find 

hidden indicators or domains, replication of studies using these measurement approaches 

to different age groups and datasets are needed. This study can be a stepping-stone for 

future efforts. Multiple approaches can provide common indicators or domains. Based on 

the results from diverse population, ultimately, primary data collection is needed. In 

addition, qualitative measuring processes can find new components of social exclusion 

and those components may help with developing new measures for social exclusion. 

Relationships between social exclusion domains/indicators and mortality. The 

results of the Cox regression revealed that the material resources domain had a greater 

influence on mortality than did the other three social exclusion domains. The health 

domain also had a relatively strong relationship with mortality. The social domain had a 

relatively lower influence on mortality than other domains. 
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 The measured social exclusion indicators and domains in this study were found to 

be reliable and valid. However, reliability and validity do not guarantee statistical 

significance. The three significant domains (material resources, social, and health) from 

the results of the Cox regression analyses are the commonly used domains from previous 

studies. As shown in Table 3, most previous studies dealing with social exclusion have 

used multiple domains. Among the many domains, poverty-related, health, and social 

participation domains are commonly used. Although the findings of the present study did 

not cover all domains of social exclusion, the derived domains were partially consistent 

with previous empirical studies. However, given the complexity of social exclusion, 

finding only three domains indicates that further research is needed to determine 

compositions of social exclusion. In addition, some domains from this study had only a 

few indicators. For example, the social domain included only two indicators (social 

activity and social membership). Of course, to measure these indicators, multiple items 

from the HRS were used. However, using only a limited number of indicators may not 

adequately represent the full scope of a domain. Thus, further research is needed to 

determine social exclusion indicators using different dataset and compare with the HRS 

and then to examine domains.  

In terms of individual indicators, six were associated with mortality while 

adjusting for demographic variables. The results reported here are consistent with 

previous findings. First, higher wealth indicated a lower risk of mortality (Demakakos et 

al., 2016; Pool et al., 2018). Second, having an available car decreased mortality rates 

(Hart, McCartney, Gruer, & Watt, 2015). Third, social participation (social activity and 

social membership) decreased the hazard ratio for death, such that higher social 
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participation was associated with lower mortality (Chen, Lauderdale, & Waite, 2016; Liu, 

2011; Pynnönen, Törmäkangas, Heikkinen, Rantanen, & Lyyra, 2012; Saito et al., 2012). 

Finally, better health condition and lower disability (higher ADLs) were associated with 

decreased mortality risk (Brown et al., 2015).  

Some results differed with previous research. According to the results of the Cox 

regression analyses, income and employment status did not predict mortality, but this 

finding contrasts with the findings of many previous studies. For example, Sautter et al. 

(2012) reported that low income was related to increased mortality risk among older 

adults. In addition, low-income older adults were more likely to experience mortality than 

were those who had higher incomes in prior research (Anderson, Richardson, Fields, & 

Harootyan, 2013; Kalwij et al., 2013). Similarly, employment status was associated with 

mortality risk in an earlier study, indicating that employed people had a lower risk of 

mortality (Konrath, Fuhrel-Forbis, Lou, & Brown, 2011). Generally, owing to age-

specific characteristics, many of the older adults in the present study were already retired, 

indicating the loss of major income source (e.g., salary) and reporting not having a job, 

which could influence the relationships between income or employment status and 

mortality. The findings of this study suggest that wealth was associated with mortality. 

This result indicates that wealth may be a more important indicator than income or 

employment status for understanding and addressing social exclusion among older adults, 

particularly those of retirement age.  

Further, Hajek and König (2017) observed that self-efficacy moderated the 

relationship between health comparisons (self-rated health compared with that of other 

people the same age) and social exclusion. However, the theoretical and empirical-
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measurement frameworks of this dissertation included self-efficacy as an indicator of 

social exclusion, not a moderator. In addition, the results of the present Cox regression 

analyses indicated that the self-efficacy indicator was not associated with mortality. 

Previous literature (Konrath, Fuhrel-Forbis, Lou, & Brown, 2011; Musick et al. 1999; 

Wethington, Pillemer, & Principi, 2016) reported that people who volunteered were at 

lower risk for mortality. In other words, volunteering had also been regarded as an 

important predictor of mortality. However, volunteer activity in the present study was 

excluded from social exclusion indicators because of statistically nonsignificant 

correlation coefficients. In addition, indicators of the community domain were not 

statistically significant. In particular, in prior research social support has been regarded as 

an important indicator that has increased the survival of people with illness or decreased 

their risk of mortality (Becofsky et al., 2015; Olaya et al., 2017). However, in this study, 

social support did not predict mortality. The differences between the current results and 

those of previous studies indicate that it is needed to take account of characteristics of 

social exclusion as well as to examine the domains/indicators separately on their 

relationship with mortality. In other words, this study evaluated the interconnections 

between social exclusion indicators. Domains refer to characteristics of social exclusion 

such as multidimensionality and relational aspects. However, so far, there is a lack of 

studies that examined domains and its impact of mortality. Although some indicators 

used in the past, this study used the new datasets from the U.S. elderly population to 

measure social exclusion. 

The results indicate that material resources were most closely associated with 

mortality. As mentioned, many previous studies have emphasized material resources (e.g., 
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SES, poverty, income, deprivation) to predict mortality. However, the results of this 

study showed that the health domain was highly associated with mortality. In addition, 

among individual indicators, social membership was most closely associated with 

mortality. Thus, although the material resources domain is an important and highly 

influential on mortality, it does not solely indicate social exclusion. There are other 

important domains and indicators of social exclusion, which leads to higher risk of 

mortality.  

The relationships between individual indicators and mortality in this study are in 

line with the previous studies. In this situation, to interpret the present results, it is 

necessary to consider the specific characteristics of social exclusion and examine the 

relationships between domains/indicators and mortality. This can create unique 

differences. The results showed that higher wealth, having an available car, having social 

activity, having social membership, better self-rated health, and lower disability reduced 

mortality risk. General interpretation of a Cox regression focuses on the hazard ratios of 

significant variables. However, social exclusion is a complex concept that is 

multidimensional and relational. The results of the correlation analyses support these 

characteristics. Although the six indicators were significant predictors of mortality, the 

results may reflect intertwined relationships and the complexity of social exclusion. In 

other words, the interpretations of results may vary depending on relationships between 

indicators. For example, the car availability indicator is nested within the material 

resources domain, but it has relatively higher correlation coefficients with other 

indicators such as social activity, self-rated health, and disability. This may indicate that 

having an available car is related to one’s wealth, health, and social participation. In 
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addition, wealth, an indicator from the material resources domain, was correlated with the 

other five indicators associated with mortality. The strongest correlation was between 

wealth and car availability. However, the correlation coefficients between wealth and the 

remaining indicators were not remarkably lower than that between wealth and car 

availability. That is, higher wealth is associated with higher social activity, higher social 

membership, higher health, lower disability, and higher car availability. Thus, it is 

important to interpret the influence of individual indicators and to consider them as 

reflecting social exclusion. This indicates the relational characteristics of social exclusion. 

This study examined the relationship between indicators. According to the results of 

correlation analyses, three indicators were dropped and there were four social exclusion 

domains. When considering social exclusion, it is important to focus not only on the 

indicators of social exclusion, but also on their relationships. In addition, further studies 

are needed to shed light on these relational effects of social exclusion on mortality.   

Differences in survival time by social exclusion indicators. Whereas the Cox 

regression analyses showed that only six social exclusion indicators were associated with 

mortality in multivariate models, the Kaplan–Meier curves showed that 15 individual 

variables were related to survival time at the bivariate level. All indicators from three 

domains (material resources, social, and health) showed a difference of survival time 

between the two groups (nonexcluded and excluded). However, in the community 

domain, only the condition of home indicator was associated with survival.  

The gaps in survival functions between the two groups (nonexcluded and 

excluded) were not dramatically wide. The largest difference in survival rate was found 

between older adults who had an available car and those who did not (10.5%). In addition, 
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health (8.7%), disability (8.5%), social activity (7.4%), and social membership (6.1%) 

reflected relatively higher differences in rates of survival than did other indicators. The 

results showed that the social domain had the largest difference in average survival rate 

(6.8%), followed by 6.2% for the health domain and 4.6% for the material resources 

domain.  

The difference in survival time of each indicator does not adequately describe the 

relationship between social exclusion and survival time. Considering multiple indicators, 

development of measurement methods is needed to distinguish between the socially 

excluded and nonexcluded groups. Comparison of the survival times of the two groups 

classified or differentiated by a new measurement method using diverse indicators would 

reveal the risk of social exclusion more thoroughly. In other words, it is necessary to 

measure social exclusion by considering multiple indicators rather than distinguishing 

between the socially excluded and nonexcluded groups by the cutoff threshold of each 

indicator.  

Study Limitations 

The limitations of this study are mainly attributable to the use of secondary data 

and the challenges related to defining and operationalizing social exclusion. Even though 

the HRS provided a wealth of useful variables, it is not primarily focused on measuring 

social exclusion. Some indicators in the HRS only can indirectly or partially measure the 

domains of social exclusion. For example, the CES-D short form (eight items), which 

assesses depressive symptoms, was used as a health domain indicator for this study. 

However, many other mental health symptoms were not available in the HRS. That is, 

depression may partially measure one’s general mental health, but it does not fully cover 
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all aspects of mental health. Despite these measure-related limitations, the HRS dataset 

did have some indicators of the B-SEM (Levitas et al., 2007) and Scutella et al.’s (2009a) 

frameworks. However, it should be considered that there are several unavailable or 

unmeasured social exclusion indicators in the HRS that could play an important role in 

estimating mortality. 

In terms of generalizability and validity of findings, this study has a number of 

noteworthy limitations. In this study, institutionalized and cognitively impaired persons 

were excluded from the HRS sample because of the exclusion criteria for the 

psychosocial supplement. Such individuals may be more likely to experience social 

exclusion than are healthier older adults. For example, institutionalized persons are more 

likely to have poorer health conditions, have less participation in social or political 

activities, and experience generally poorer financial circumstances (Soriano, Sarmiento, 

Songco, Macindo, & Conde, 2016). According to Beadle (2019), late-life cognition 

influences loneliness. Specifically, cognitively impaired older adults at age 73 years may 

be at a higher risk of becoming lonely. Thus, cognitively impaired older adults can be a 

high-risk group for social exclusion. However, the HRS psychosocial supplement 

excluded people who were institutionalized and/or cognitively impaired, suggesting that 

the sample used in the present study may not have included individuals who may be at 

higher risk for social exclusion. However, given the rigorous probability sampling 

methods of the HRS, the findings from this study may be generalizable to majority of 

older adults in the United States.  

In addition, actual social exclusion may not be adequately reflected in how the 

concept was measured; it might be difficult to measure social exclusion using numerical 
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values and a data-driven measuring process. Thus, the proposed measure may only 

provide an empirical approximation of social exclusion. For example, although the data 

may suggest that certain individuals are socially excluded; these individuals may not 

perceive themselves to be socially excluded. In addition, it was challenging to capture 

voluntary exclusion (i.e., people who willfully choose to disengage from social 

participation). In a similar manner, some variables may not perfectly reflect social 

exclusion. For example, when it comes to having an available car, people who live in a 

major metropolitan area that has a well-organized public transportation system may not 

need a car to get around. Thus, it was challenging to measure actual social exclusion or 

willful social exclusion among individuals within the HRS data. Future research should 

focus on using primary data collection. 

When it comes to the influence of social exclusion domains on mortality, chi-

square values from the Cox regressions were not sufficient for identifying the magnitude 

of an effect because the value was influenced by the number of items in the model. For 

example, the inclusion of more indicators in a model may lead to a greater effects. Thus, 

interpretation of the results of this analysis may be limited in its capacity to indicate the 

actual effects of social exclusion domains on mortality. In light of this issue, this study 

focused on which domains seemed to have relatively greater explanatory power regarding 

mortality.  

There may be causal and bidirectional relationships among social exclusion 

indicators. For example, an individual’s poor health (e.g., due to life-threatening illness) 

can directly limit her or his ability to participate in leisure activities. In addition, it is 

possible (perhaps even likely) that social exclusion indicators do not all contribute 
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equally to the social exclusion experience. Thus, using differentially weighted variables 

or different weighting procedures would seem appropriate. However, the B-SEM does 

not provide guidance for using weighted variables for measuring social exclusion, and 

domains are given equal weight in the Scutella et al. (2009a) framework.  

According to Room (1999), social exclusion has distinctive characteristics. 

However, due to limitations imposed by the use of HRS data, this study may not have 

examined all social exclusion characteristics. For example, participants were randomly 

selected to complete the psychosocial supplement for each core wave of the HRS. Thus, 

discontinuity with society and duration of social exclusion were not measured. In 

addition, many social exclusion scholars have emphasized that social exclusion is a 

process (Inoi et al., 2017; Levitas et al., 2007; Reay & Lucey, 2004; Walker & Walker, 

1997). However, they have not provided information on how to operationalize this 

process. Krishnan (2015) argued that social disadvantage and poverty might lead to social 

exclusion. However, social exclusion is the result of a specific process called “othering,” 

which includes discrimination and stigma associated with political, economic, and 

cultural exclusion based on racism or ethnic considerations. For example, according to 

Krishnan (2015), racial/ethnic minorities frequently experience social disadvantage. This 

indicates that they may experience marginalization from the mainstream society. 

However, they may have resources of social support in their community indicating that 

they are not socially excluded because they do not experience the “othering” process in 

their racial/ethnic community. The inclusion of an indicator, or multiple indicators, to 

measures the othering process in social exclusion may be an important option for 
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researchers to consider in the future. However, to date there is a lack of evidence dealing 

with the “othering” process to measure social exclusion.  

Study Strengths 

This study has numerous strengths. For several reasons, as a data source, using the 

HRS is a good starting point for examination of the proposed research questions and 

measuring social exclusion, under-studied phenomenon, in the U.S. First, the HRS was 

used as a survey template for the ELSA (Banks, Muriel, & Smith, 2011), which was 

recommended by Scutella and colleagues to measure social exclusion among older adults. 

The HRS includes detailed and copious information on diverse indicators of social 

exclusion. Second, the HRS is a nationally representative study, so the results of the 

present study may be somewhat generalizable to the U.S. population of older adults. 

Finally, few studies have examined social exclusion using the HRS. This study is the first 

effort to examine the effects of social exclusion on mortality and survival time among 

older adults using the HRS.1 

This study explored the measurement of social exclusion in the U.S. context, 

which is an important contribution to the development of valid measures of social 

exclusion. A lack of consensus and validated measures for social exclusion gave rise to 

limitations related to operationalization. The measurement methods in this study may 

help to operationalize social exclusion. To overcome the shortcomings of the B-SEM 

(e.g., not providing a cutoff threshold for each indicator), this study followed previous 

empirical studies, which guided the development of cut points for each indicator to 

determine social exclusion.  

 
1In a recent systematic review of the literature, examining studies published prior to January 2020, this 

author was unable to find any peer-reviewed research that investigated social exclusion and mortality in the 

United States. 
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In addition, this study has presented evidence to support the validity and 

reliability of its social exclusion domains and indicators. Building on this foundation, it 

has provided an empirical estimation of the prevalence of social exclusion among older 

adults in the United States. Further, this study may allow for a limited comparison of 

social exclusion prevalence in the United States with that in other countries. Given the 

lack of studies on the extent of social exclusion among the U.S. older adult population, 

the results of this study might be a reference point for future research, policy, and 

practice.  

This study has contributed to the strengthening of the theoretical understanding of 

the relationship between social exclusion and health outcomes. More specifically, 

findings from this study provide empirical evidence on the relationships between social 

exclusion factors and mortality and survival time among older adults.  

Implications  

The study of social exclusion has particularly strong implications for the field of 

social work. Owing to the interconnection of social problems, a focus on solving one 

single problem may ignore key contextual factors and the interdependency of issues. To 

resolve complex social problems, it is important to understand their multidimensional 

characteristics and to establish approaches that are more comprehensive. This indicates 

that social exclusion may provide a useful theoretical backdrop—one that may be helpful 

for guiding policy. For example, beyond the existing policy focusing on poverty, future 

social work or public policies that address various factors at once driving social exclusion 

should be required. Social exclusion includes diverse factors that cover the 

multidimensionality of social problems and may provide direction for comprehensive 
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solutions. Thus, through its conduct of empirical testing in this area, this study may 

further inform social exclusion theory by explaining complex social problems and 

providing data-informed direction for social policies. For example, the results of this 

study showed interrelationships among indicators and multidimensionality through 

clustered characteristics (domains). This study also provided the fact that social exclusion 

indicators and domains are tentative and modifiable. Thus, the present study’s results 

may aid in expanding social exclusion characteristics. In addition, this study provided 

relative priority (e.g., the material resources, social domain) to resolve social problems. 

These results may inform policymakers to create policies dealing with social exclusion.  

The National Association of Social Workers (NASW) Code of Ethics (NASW, 

2017) presents social justice as a core value of social work, stating for example that 

“social workers strive to ensure access to needed information, services, and resources; 

equality of opportunity; and meaningful participation in decision making for all people” 

(para. 3). These forms of social injustice are closely associated with social exclusion. 

Thus, knowledge about social exclusion is an important tool for promoting social justice.  

The concept of social exclusion includes opportunities and access to services. In addition, 

the components of social exclusion incorporate social participation and resources. Thus, 

social exclusion is partially connected to the core value of social work. The results of this 

study showed that access to services and social participation were important indicators of 

social exclusion and predictors of mortality. 

Finally, two core values of social work articulated in the NASW (2017) Code of 

Ethics are the importance of human relationships and the primacy of addressing social 

problems. As an issue, social exclusion clearly and directly focuses on both human 
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relationships and social problems. In this manner, studying social exclusion may be a 

starting point for realizing these core values of social work. Although social work has a 

variety of values, the ultimate goal of social work is to enable people live like a human 

being. This goal can be achieved through many ways (e.g., acting for social change, 

providing assistance, reducing inequalities or injustice). Reducing social exclusion helps 

people live their life like a human being. This study provided the relatively more 

influential social exclusion indicators and domains. To diminish social exclusion, social 

workers and social work programs need to focus on those social exclusion indicators and 

domains. Further, understanding how social exclusion contributes to recognition of those 

who are experiencing it may indicate a way to alleviate social problems.  

Implications for policy. Development of social work policies using a social 

exclusion framework for prevention and intervention programs could help older adults 

who are at risk of social exclusion in their communities. The results of this study can 

potentially contribute to the dissemination of the importance of social exclusion and the 

development of a social work policy for it in the United States. However, to date, there is 

a lack of social exclusion policy for older adults. Findings from this study may be helpful 

in understanding social exclusion among American older adults and potential risk factors.  

Social policies that aim to reduce social exclusion are needed. In addition, 

research to evaluate efforts to address social exclusion and its impact on mortality and 

survival time is required to inform policymaking. However, Shinn (2010) posited that 

social policies in the United States addressing social exclusion that are based on income, 

wealth, housing, and incarceration are insufficient to reduce social exclusion in 

comparison with policies in most European countries. The present study has provided 
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empirical evidence suggesting which specific social exclusion indicators are associated 

with mortality and survival time among older adults. Further, the findings of this study 

may help policymakers prioritize efforts to decrease the negative influence of social 

exclusion, which could lead to longer, healthier, and more productive lives among older 

adults.  

Policymakers in the United States have not introduced legislation explicitly 

focused on social exclusion. In other words, even though social policies have focused on 

addressing some aspects of social exclusion, U.S social welfare policies have not created 

public or private programs specifically to target social exclusion. In contrast, the U.K. 

government and former Prime Minister Tony Blair established public agencies to address 

social exclusion concerns, such as the Social Exclusion Unit and the Social Exclusion 

Task Force (Scutella et al., 2009b). These agencies published reports that dealt with 

social exclusion and provided advice to the U.K. government departments on setting up 

social policies and interventions.  

Social policies based on social disadvantage or poverty, specifically in the United 

States that have liberal welfare model, have limitations because they have focused on 

individual and specific aspects, such as poverty or economic elements (Esping-Andersen, 

1990). However, social exclusion is a much broader concept that incorporates social 

disadvantage, and policymakers addressing it should consider different approaches. For 

example, social policies based on social exclusion can provide community-driven and 

grassroots approaches with which to tackle social problems (Bronheim et al., 1999). 

Specifically, if social exclusion domains or indicators are linked to each other, then there 
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are potentially multiple points that can be targeted to break the intertwined relationships 

and the complexity of social exclusion.  

According to the results of this study, the material resources and health domains 

had stronger effects on mortality than the other domains. In terms of these influential 

domains, policies should focus on responding to material deprivation and material 

resources among the older population. Although in the United States, social policies such 

as antipoverty efforts, public housing and development of job skills (Bronheim et al., 

1999) may address some aspects of social exclusion, a comprehensive approach for 

dealing directly with this issue is lacking. Thus, policymakers should consider how to 

restructure policies to prevent poverty or material deprivation.  

According to Ingraham (2017), the richest 1% has 40% of wealth and the top 20% 

has 90% of wealth in the United States. Economic disparities have definite impacts for 

older adults, especially negative health consequences and social exclusion. According to 

Li and Dalaker (2019), in 2017, 4.7 million people aged 65 and older are living below the 

federal poverty line. Also, 81.3% of the elderly, below 125% of the poverty threshold, 

earn their income from Social Security. Supplemental Security Income (SSI) or other 

public assistance covers only 7.6% of income (Li & Dalaker, 2019). On the basis of these 

facts, increasing Social Security benefits may reduce poverty or material deprivation 

among older adults. However, Social Security benefits alone may not be sufficient to 

eliminate poverty. It would require the expansion of other public programs or assistance 

such as SSI.  
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In addition, public policies should focus on strategies for improving health among 

older adults. Most older adults aged 65 years and over have Medicare benefits. However, 

those over 65 year account for over a third of total health spending (Sawyer & Claxton, 

2019). Among all Medicare beneficiaries, 32% have functional impairment, 25% have 

poor or fair self-rated health, and 22% have more than five chronic conditions (The 

Henry J. Kaiser Family Foundation, 2019). These populations may be at higher risk for 

social exclusion than those who are healthy.  

 In addition, older adults experiencing both economic hardship and chronic health 

problems have an elevated risk of social exclusion and associated mortality. Considering 

the correlation between material resources and health, reducing economic disparities and 

wealth polarization, and improving health are important issues. To deal with these issues, 

private insurance can provide additional health plans by supplementing the shortcoming 

of public insurance; however, such private coverage it is generally expensive. Older 

adults without sufficient income or wealth are unable to have additional health care 

coverage. In other words, although Medicare covers many tests, treatments, or services, it 

may be insufficient for poor older adults with chronic health problems. These people may 

experience hardships to receive medical treatment as well as social exclusion. 

As the nation’s public health insurance, Medicaid also provide benefits for people 

with low income. Older adults who qualify for both Medicare and Medicaid are 

considered dually eligible. Dual eligibility can improve health and alleviate economic 

hardship among older adults at risk for social exclusion. According to Rudowitz, Garfield, 

and Hinton (2019), among Medicare beneficiaries, 19% qualify for Medicaid. In addition, 

Medicaid has evolved over time. For example, Medicaid has expanded its coverage to 
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include nonelderly adults with income up to 138% of the Federal Poverty Line through 

the Affordable Care Act (Rudowitz et al., 2019). Due to the expansion of Medicaid, many 

people living in poverty have had options for affordable coverage. However, the 

expansion of Medicaid may increase financial burden on the government. “Medicaid is 

the third-largest domestic program in the federal budget, after Social Security and 

Medicare” (Rudowitz et al., 2019, p. 8). Further, older adults and people with disabilities 

account for 25% of the total beneficiaries; however, they spend two-third of Medicaid 

budget (Rudowitz et al., 2019). Nevertheless, Medicaid is effective in improving health 

and easing economic burdens of low-income senior citizens. Thus, it is desirable to 

maintain the current policy stance, gradually expanding coverage rather than radical 

expansion. 

Chronic health problems do not only occur over the age of 65, but in younger 

populations as well. To improve healthy aging, public policies encompassing all ages – 

across the life span – are needed. For example, instead of qualifying public health 

insurance such as Medicare according to age, public policies or health insurance covering 

all ages are needed for the prevention of diseases and healthy aging. Thus, policymakers 

should consider how to expand the coverage of public health insurance, and these policies 

need to be reconstruct based on a life cycle perspective.  

In other words, social work and public policymakers should consider the material 

resources and health domain as well as the other social exclusion domains such as 

developing social connections or participation, and organizing communities. In addition, 

social policies in the United States should take into account social exclusion itself and the 

relationships between social exclusion and health outcomes because the policies have 
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neither focused on these relationships nor addressed the multidimensional aspects of 

social exclusion problems. For example, although this study did not include all possible 

social exclusion indicators, there are many drivers of social exclusion. According to 

Bradshaw, Kemp, Baldwin, and Rowe (2004), social exclusion includes many domains 

(e.g., income/poverty, employment, education/skills, health, housing, social support, the 

impact of the neighborhood). In addition, there are vicious cycles within and between 

those domains. To break these cycles and tackle social exclusion, they suggested how the 

U.K. government could reconstruct social or public policies: expanding tax and benefit 

policies (e.g., income support, minimum income guarantee, working tax credit), 

increasing public spending (e.g., transportation, health, education), facilitating policy 

initiatives (e.g., care and fund for children), and developing neighborhood and regional 

strategies (Bradshaw et al., 2004). These multidimensional approaches may reduce social 

exclusion and its impact on negative health consequences.  

In terms of the relationships between social exclusion indicators and mortality, 

social policies addressing social exclusion could focus more on higher impact indicators 

to alleviate social exclusion and mortality. The findings of this study show that social 

exclusion indicators differentially influence mortality and survival time among older 

adults. Surprisingly, this study found that social membership, social activity, and car 

availability were indicators of social exclusion and more influential predictors of 

mortality. On the basis of the measurement method, social membership includes many 

groups or clubs such as sport, social, political, community, education or training course, 

and other interest groups. Also, social activity refers to playing games, working on a 

hobby, and playing sports, or exercise. Thus, policymakers need to propose policies that 
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encourage these external social activities and participation. For example, providing 

operating grants to such meetings or groups could be an effective way to facilitate social 

participation and activities. Supporting community-based senior centers would be 

effective for group activities and social gatherings. Interacting between senior centers and 

peers (e.g., faith-based or religious groups, multi-generational neighborhood centers) 

would also increase social activities among older adults.  

Further, on the basis of the results, improving access to a personal vehicle could 

reduce social exclusion status in older adults in the United States. Thus, policymakers 

need to establish policies focusing on car availability (or well-organized transportation 

systems that allows for easy access for older adults with or without physical and/or 

cognitive limitations). That is, policies should center on improvement of social 

participation and guarantee of means of transportation among older adults. Policies for 

facilitating social participation among older adults may reduce social exclusion and 

mortality risk as well as prolong survival time. Specifically, diverse social or public 

policies should be needed. For example, findings of this study could support ongoing 

Supplemental Security Income or improving income distribution, and providing 

employment program for the elderly (especially, older adults with financial problems) to 

stabilize material resources among older adults. In order to improve social participation, 

innovated public transportation services (e.g., free fare for the elderly) and volunteer 

organization for social participation and mobility are needed. In terms of health, as 

mentioned, policymakers should consider how to expand the coverage of public health 

insurance (e.g., Medicare and Medicaid), and these policies need to be reconstruct based 

on a life cycle perspective. To address the blind spot of health care coverage, policies that 
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provide economic support are also required. Therefore, more research is needed on social 

exclusion to develop detailed policy recommendations and guidance.  

Implications for practice. This study may contribute to social work practice in 

several ways. Given that older adults are more likely to have complex and diverse social 

problems than other age groups, social workers may frequently encounter older adults 

who are at high risk for socially exclusion in various practice settings, such as health care, 

the community, and other aging services (Hooyman & St. Peter, 2006). For example, 

Scharlach, Simon, and dal Santo (2003) reported that the numbers of older adults with 

complex conditions—including chronic physical or mental health problems—and 

problematic situations (interpersonal, social, and/or economic) are increasing. Indeed, the 

majority of social work clients have multiple social problems, such as low SES and 

limited access to resources (Zanbar, 2018). Specifically, socially excluded older adults 

have multiple and complex needs that must be addressed at multiple levels if they are to 

become socially included. 

However, there is a lack of evidence on whether social workers understand and 

recognize the multidimensional aspects of social exclusion. As social workers frequently 

encounter older adults at risk for social exclusion, they need to become familiar with 

social exclusion risk factors, to be able to screen for them, and to address them clinically. 

Social workers play a key role in developing care plans or interventions and providing 

comprehensive services to satisfy clients’ needs. To provide appropriate services for 

socially excluded older adults, interprofessional or multidisciplinary service teams should 

be involved. As frontline service providers, social workers can understand clients’ 

multiple problems and needs and assess their social exclusion statuses. As mediators, 
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social workers can arbitrate between other service providers in diverse practice settings. 

In addition, social workers can provide case management for socially excluded older 

adults or to those who are at risk for exclusion.  

Further, the findings of this study provide relevant information for 

multidimensional services or interventions aiming to resolve social exclusion problems 

among older adults. In terms of domains, material resources are an important domain of 

social exclusion and highly associated with mortality. Social work services or 

interventions should respond to material deprivation among older adults to reduce social 

exclusion and mortality. External resources in communities may reduce material 

deprivation. Social workers can find these resources and connect them to older adults 

such as elderly employment programs and assets management services. Also, if there is a 

lack of resources in communities, social workers can support or advocate for older adults 

to create or mobilize resources. For example, social workers can inform and demand 

policymakers that they need social resources for the elderly in their communities. In a 

similar vein, on behalf of older adults, social workers can request that policymakers 

produce additional policies designed to improve health and facilitate social participation 

and activities.  

 In terms of indicators, social workers should focus on facilitating social 

participation and improving transportation mobility. Social workers may have 

information about groups or organizations in their communities that older adults can 

register for, or attend. Also, they may have resources or provide transportation services 

for older adults. Extrapolating from the results of this study, providing these services will 

likely reduce social exclusion and mortality among older adults.  
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Further, to provide appropriate services, social workers need to consider clients’ 

circumstances and living areas. For example, Dahlberg and McKee (2018) emphasized 

the neighborhood environment and accessibility to services to reduce social exclusion 

among older adults in rural and urban areas. Neighborhood exclusion, indicating physical 

and psychological distance from the community, explained more variance in well-being 

among older adults in rural than in urban areas. Conversely, exclusion from service 

(public and private) explained more variance in well-being in urban than in rural areas 

(Dahlberg & McKee, 2018). That is, diversified approaches depending on the region are 

also needed to reduce social exclusion.  

However, reducing social exclusion and mortality cannot be accomplished 

through simple intervention or service provision. Each intervention or service can play a 

partial role as a complement to a more comprehensive and holistic approach to practice 

with clients. For example, improving social participation for a socially excluded older 

adult does not guarantee that all of his or her social exclusion problems have been fully 

resolved, although it may be one piece of a more complex puzzle.  

 The findings of this study may help social work practitioners to address social 

exclusion. For example, the present findings show that wealth, health, and social 

participation indicators are factors that are more influential on mortality than other social 

exclusion indicators. This indicates that problems of older adults who are at risk of social 

exclusion are likely to be interconnected. This indicates multidimensionality and 

relational aspects. Problems and their impact are different depending on clients and their 

situations. Thus, social workers need to diversify their approach to these problems. Also, 

social workers can create new, tailored services or comprehensive interventions for older 
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adults to reduce mortality and prolong survival time (e.g., interventions that aim to 

improve older adults’ financial stability, health conditions, and social participation) by 

assessing the multidimensional indicators or domains of social exclusion. Thus, on the 

basis of the results, social workers need to focus on the material resources domain and 

should take into account the other social exclusion indicators and domains at the same 

time. 

Implications for research. The current study fills in gaps in the social exclusion 

literature in several ways. The most important potential implication for research is that 

this study comprehensively evaluated the conceptualization and operationalization of 

social exclusion using a nationally representative sample of older adults from the United 

States. Specifically, although many items were excluded, this study measured social 

exclusion by providing details (e.g., items/domains, testing reliability and validity, cut 

points), considering theoretical backgrounds, and adopting empirical social exclusion 

frameworks. Also, findings of this study show that there is a difference between 

conceptual and empirical social exclusion domains and indicators. As the correlation 

analyses revealed, indicators with relatively higher correlation coefficients were 

categorized into the same domain. Per these findings, the compositions of domains were 

different from those in previous frameworks (Levitas et al., 2007; Scutella et al., 2009a). 

For example, previously, car availability was categorized as an indicator of 

inaccessibility (Lucas, 2012) and a potential mediator (Sacker, Ross, MacLeod, Netuveli, 

& Windle, 2017), and social membership was placed in the community domain (Scutella 

et al., 2009a). However, the findings of this study indicated that car availability was 

better categorized in the material resources domain and, similarly, that the social domain 
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was a better fit for social membership. This indicates that future studies, dealing with 

social exclusion and using secondary datasets, should take account of the same 

procedures to examine appropriate indicators and domains.  

Life course perspective and role theory play an important role in framing the 

implications of this study. The changes in life due to transitions or turning points 

represents a different view from previous studies in the relationships between social 

exclusion and mortality. In other words, important indicators between previous studies 

and the current study are different. As mentioned, this is because many previous studies 

focused on working-age populations (Scharlach & Lehning, 2013; Scutella et al., 2009a). 

For example, income, employment status, and home ownership were important predictors 

of social exclusion and mortality among working-age populations; however, they were 

not statistically significant in this study. This indicates that social exclusion indicators 

and domains may be different based on the specific population. Thus, social exclusion 

indicators should be examined taking into account the characteristics of populations (e.g., 

older adults vs. working-age adults).  

Previous studies have measured social exclusion through a top-down process. 

That is, researchers determined social exclusion domains or dimensions first and then 

chose indicators. According to MacLeod et al. (2019), social exclusion domains from 

previous studies had a pattern that could be broadly categorized into seven domains. 

However, creating categories first may not have resulted in a valid, comprehensive 

measure of social exclusion. That is because the operationalization of social exclusion is 

often dependent on the available indicators in a dataset or the domains may not be 

statistically significant in some samples. In this respect, existing measurement methods 
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(e.g., Hsieh & Leung, 2019; Scutella et al., 2009a) may not comprehensively capture 

social exclusion. Even though existing measurement frameworks cover a broad area of 

domains, there may be hidden areas of social exclusion, or the indicators used may 

represent different domains depending on different datasets. Thus, the present study 

suggests that it is better to focus on indicators first and then categorize them into domains 

than it is to select domains first. 

This study revealed the difficulties of measuring social exclusion due to 

variability. Compared with the previous frameworks (e.g., Scutella et al.’s and the B-

SEM), some indicators and domains were removed, and the resulting study examined 

different domains consisting of different indicators. This indicates that, as mentioned, 

indicators and domains are tentative and modifiable. Thus, the variability itself can be an 

additional characteristic of social exclusion. By considering the variability, social 

exclusion and its characteristics can be better understood.  

This study also highlighted how these difficulties have left a gap in knowledge on 

developing a social exclusion measurement tool. In other words, inconsistent indicators 

or domains require replication of measurement approaches using different datasets and 

populations to reveal hidden or possible social exclusion indicators and domains. 

Through these repetitive processes, general social exclusion indicators and domains can 

be revealed. On the basis of cumulative information, the primary data collection method 

with a bottom-up measurement process can be developed. Through these processes, 

social exclusion can be more accurately measured than previous measurement tools. In 

addition, future qualitative exploration can find new components of social exclusion that 

had not been known before and help with developing a new measurement tool. Further, it 
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should examine the concepts and experiences of social exclusion to measure subjective 

social exclusion. 

The results of Cox regression analysis showed that six indicators were associated 

with mortality and the material resources domain had relatively higher effect on mortality. 

However, some important indicators from previous studies (e.g., income, employment 

status) were not statistically significant. This may be due to age-related characteristics. 

Also, if the social domain had a larger number of indicators, the most influential domain 

might have changed. To better understand these results, future studies should determine if 

there is a latent structure for these indicators in an older adult population.  

Although this study revealed influential indicators and domains, this approach 

may not examine the effect of characteristics of social exclusion on mortality. For 

example, there were interrelationships between social exclusion indicators and these 

relationships created social exclusion domain. However, the Cox regression in this study 

may not examine the effect of this relational aspect of social exclusion on mortality. Thus, 

future study should consider unique social exclusion characteristics and reveal its impact 

on mortality among older adults.  

Moreover, although the 15 indicators showed that there were differences in 

mortality between the two groups (excluded vs. nonexcluded), the shapes of the survival 

analysis graphs changed around 20–24 months. Specifically, survival functions between 

the two groups increased by around 24 months. However, after 24 months, there were 

subtle differences or flat shapes between the two groups. A censorship issue due to a lack 

of data may lead to the results, indicating that most of the data points stopped by 24 

months. Given a longer time frame, the impact of social exclusion on mortality could be 
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more clearly observed. This could be evaluated on the basis of HRS data waves from the 

past and future. 

As a result, this study provides empirical knowledge to inform future studies on 

mortality, survival time, and/or health outcomes in light of social exclusion among older 

adults. By emphasizing social exclusion, the present findings support greater 

understanding of hidden causes of mortality and survival time. 

Conclusion 

This study adopted an exploratory approach about social exclusion domains 

because domains are tentative and modifiable depending on the dataset used. Each 

secondary dataset has different purposes, characteristics, questions/variables, and 

attributes that affect available social exclusion indicators and domains. Thus, to shed light 

on social exclusion among the U.S. older adult population, this study explored the 

construct’s indicators and domains on the basis of available data from the HRS. The B-

SEM provided 51 indicators and 10 domains. Scutella et al. (2009a) used 21 indicators 

and seven domains. Unlike those of these previous conceptual and empirical studies, the 

findings of this study indicated that 18 indicators from the HRS were reliable and valid. 

Further, the 18 indicators were categorized into four domains of social exclusion: 

material resources, social, health, and community. This study may be the first to measure 

social exclusion using the HRS and to test the reliability and validity of measured items.  

This study also aimed to examine the relationship between social exclusion and 

mortality among older adults who were aged 65 years or older. The findings from Cox 

regressions showed that three domains (material resources, social, and health) were 

statistically associated with mortality. Among these domains, the explanatory power of 



 

 117 

material resources domain was greater than that of the other domains, adjusting for 

demographics. The community domain was not statistically associated with mortality. In 

terms of individual social exclusion indicators, six were associated with mortality. Higher 

wealth, having an available car, being socially active, having social memberships, having 

better health, and lower disability reduced the risk of mortality.  

This study examined survival time of each social exclusion indicators. Kaplan–

Meier curves revealed that on 15 indicators, socially excluded individuals had higher 

mortality than did those who were not socially excluded. The results showed that there 

was no difference in survival time of the indicators of social support, city/town 

satisfaction, and neighborhood safety. 

The results of the current study contribute evidence supporting the importance of 

considering multiple social exclusion indicators and the importance of multidisciplinary 

approaches to the resolution of social exclusion problems, focusing on material resources, 

social aspects, and health aspects. In other words, social exclusion–focused (particularly 

significant indicators or domains) policies, practice, and research are needed to resolve 

social exclusion problems and other diverse social problems. The results of this study 

may constitute important evidence supporting the development of new social work 

policies, practice, and research. 
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Appendix B 

Comparison of Study Variables by Age Groups (50–64 Years vs. 65+ Years) 

 

2010 core data 

Full sample 

(N = 7,901) 

Age 50–64 

(n = 3,506) 

Age 65+ 

(n = 4,395) 

 

p 

Age (years): M (SD) 67.24 (10.76) 57.14 (4.04) 75.29 (7.00) <.001 

Gender    <.05 

Female 4,578 (57.9%) 2,075 (59.2%) 2,503 (57.0%)  

Male 3,323 (42.1%) 1,431 (40.8%) 1,892 (43.0%)  

Race    <.001 

Caucasian 6,139 (77.7%) 2,399 (68.4%) 3,740 (85.1%)  

African American 1,261 (16.0%) 751 (21.4%) 510 (11.6%)  

Other 495 (6.3%) 350 (10.0%) 145 (3.3%)  

Missing 6 (0.1%) 6 (0.2%) —  

Ethnicity    <.001 

Non-Hispanic 7,144 (90.4%) 3,027 (86.3%) 4,117 (93.7%)  

Hispanic 753 (9.5%) 475 (15.5%) 278 (6.3%)  

Missing 4 (0.1%) 4 (0.1%) —  

Marital status    <.001 

Married 4,842 (61.3%) 2,208 (63.0%) 2,634 (59.9%)  

Separated/divorced 1,244 (15.7%) 770 (22.0%) 474 (10.8%)  

Widowed 1,416 (17.9%) 220 (6.3%) 1,196 (27.2%)  

Never married 393 (5.0%) 303 (8.6%) 90 (2.0%)  

Missing 6 (0.1%) 5 (0.1%) 1 (0.0%)  

Education     <.001 

Less than high school 1,453 (18.4%) 523 (14.9%) 930 (21.2%)  

High school or GED 2,611 (33.0%) 990 (28.2%) 1,621 (36.9%)  

College or more 3,807 (48.2%) 1,964 (56.0%) 1,843 (41.9%)  

Missing 30 (0.4%) 29 (0.8%) 1 (0%)  

Income     <.001 

Very low 1,578 (20.0%) 687 (19.6%) 891 (20.3%)  

Low 1,579 (20.0%) 490 (14.0%) 1,089 (24.8%)  

Medium 1,580 (20.0%) 583 (16.6%) 997 (22.7%)  

High 1,580 (20.0%) 726 (20.7%) 854 (19.4%)  

Very high 1,584 (20.0%) 1,020 (29.1%) 564 (12.8%)  

Total nonhousing wealth    <.001 

Very low 1,574 (19.9%) 920 (26.2%) 654 (14.9%)  

Low 1,579 (20.0%) 761 (21.7%) 818 (18.6%)  

Medium 1,591 (20.1%) 673 (19.2%) 918 (20.9%)  

High 1,576 (19.9%) 592 (16.9%) 984 (22.4%)  

Very high 1,581 (20.0%) 560 (16.0%) 1,021 (23.2%)  

Home ownership    <.001 

Own 6,222 (78.7%) 2,608 (74.4%) 3,614 (82.2%)  

Not own 1,679 (21.3%) 898 (25.6%) 781 (17.8%)  

Financial hardship     <.001 

Not at all difficult 3,032 (38.4%) 983 (28.0%) 2,049 (46.6%)  

Not very difficult 2,095 (26.5%) 919 (26.2%) 1,176 (26.8%)  

Somewhat difficult 1,882 (23.8%) 1,049 (29.9%) 833 (19.0%)  

  Very difficult 532 (6.7%) 345 (9.8%) 187 (4.3%)  

Completely difficult 212 (2.7%) 167 (4.8%) 45 (1.0%)  

Missing 148 (1.9%) 43 (1.2%) 105 (2.4%)  

Employment status    <.001 

Yes 2,698 (34.1%) 2,067 (59.0%) 631 (14.4%)  
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No 4,964 (62.8%) 1,370 (39.1%) 3,594 (81.8%)  

Missing 239 (3.0%) 69 (2.0%) 170 (3.9%)  

Social support (7–28)a 22.86 (3.87) 22.33 (3.56) 23.30 (4.06) <.001 

Social activity     <.001 

Never 751 (9.5%) 3,122 (89.0%) 483 (11.0%)  

Any activity 6,763 (85.6%) 268 (7.6%) 3,641 (82.8%)  

Missing   387 (4.9%) 116 (3.3%) 271 (6.2%)  

Self-rated health    <.001 

Poor  539 (6.8%) 245 (7.0%) 294 (6.7%)  

Fair 1,510 (19.1%) 645 (18.4%) 865 (19.7%)  

Good  2,522 (31.9%) 1,044 (29.8%) 1,478 (33.6%)  

Very good 2,501 (31.7%) 1,129 (32.2%) 1,372 (31.2%)  

Excellent 825 (10.4%) 443 (12.6%) 382 (8.7%)  

Missing 4 (0.1%) — 4 (0.1%)  

Depression (CES-D; 0–8) 2.34 (1.77) 2.38 (1.88) 2.33 (1.68) .248 

Long-term health    <.001 

Worse 1,660 (21.0%) 426 (12.2%) 1,234 (28.1%)  

About the same 3,947 (50.0%) 1,255 (35.8%) 2,692 (61.3%)  

Better 637 (8.1%) 226 (6.4%) 411 (9.4%)  

Missing 1,657 (21.0%) 1,599 (45.6%) 58 (1.3%)  

Disability: M (SD) .48 (.98) .47 (.97) .48 (.99) .717 

Life satisfaction (5–35)b 24.27 (7.83) 23.18 (8.21) 25.16 (7.39) <.001 

General self-efficacy (0–10)c 7.45 (1.94) 7.35 (1.94) 7.53 (1.94) <.001 

Condition of home     <.001 

Not at all satisfied 98 (1.2%) 73 (2.1%) 25 (0.6%)  

Not very satisfied 344 (4.4%) 232 (6.6%) 112 (2.5%)  

Somewhat satisfied 1,373 (17.4%) 771 (22.0%) 602 (13.7%)  

Very satisfied 2,763 (35.0%) 1,262 (36.0%) 1,501 (34.2%)  

Completely satisfied 3,206 (40.6%) 1,131 (32.3%) 2,075 (47.2%)  

Missing 117 (1.5%) 37 (1.1%) 80 (1.8%)  

City/town satisfaction    <.001 

Not at all satisfied 76 (1.0%) 58 (1.7%) 18 (0.4%)  

Not very satisfied 308 (3.9%) 194 (5.5%) 114 (2.6%)  

Somewhat satisfied 1,387 (17.6%) 786 (22.4%) 601 (13.7%)  

Very satisfied 2,935 (37.1%) 1,315 (37.5%) 1,620 (36.9%)  

Completely satisfied 3,047 (38.6%) 1,100 (31.4%) 1,947 (44.3%)  

Missing 148 (1.9%) 53 (1.5%) 95 (2.2%)  

Social membership    <.001 

Never 877 (11.1%) 323 (9.2%) 554 (12.6%)  

Any activity 6,746 (85.4%) 3,095 (88.3%) 3,651 (83.1%)  

Missing 278 (3.5%) 88 (2.5%) 190 (4.3%)  

Voluntary activity    <.001 

Never 3,519 (44.5%) 1,468 (41.9%) 2,051 (46.7%)  

Any activity 4,129 (52.3%) 1,963 (56.0%) 2,166 (49.3%)  

Missing 253 (3.2%) 75 (2.1%) 178 (4.1%)  

Victim of violence    <.001 

No 7,180 (90.9%) 3,075 (87.7%) 4,105 (93.4%)  

Yes 559 (7.1%) 371 (10.6%) 188 (4.3%)  

Missing 162 (2.1%) 60 (1.7%) 102 (2.3%)  

Victim of fraud    <.001 

No 7,294 (92.3%) 3,186 (90.9%) 4,108 (93.5%)  

Yes 559 (7.1%) 275 (7.8%) 179 (4.1%)  

Missing 162 (2.1%) 45 (1.3%) 108 (2.5%)  

Neighborhood safety    <.001 

Poor  171 (2.2%) 98 (2.8%) 73 (1.7%)  
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Fair 683 (8.6%) 382 (10.9%) 301 (6.8%)  

Good  1,642 (20.8%) 750 (21.4%) 892 (20.3%)  

Very good 2,661 (33.7%) 1,166 (33.3%) 1,495 (34.0%)  

Excellent 2,653 (33.6%) 1,073 (30.6%) 1,580 (35.9%)  

Missing 91 (1.2%) 37 (1.1%) 54 (1.2%)  

Note. Dashes in cells indicate the range of values. CES-D = Center for Epidemiologic Studies 

Depression Scale (higher values indicate greater depressive symptoms). Car availability is not 

asked to people who aged 50–64 years old. 

aHigher values indicate higher social support. bHigher values indicate more satisfaction with life. 

cHigher values indicate greater perceived personal control.  
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	Understanding Social Exclusion
	Complex poverty problems gave rise to the study of social exclusion in the mid-1960s in France (Choi, Kang, & Kim, 2009). Poverty and economic disadvantage are deeply intertwined with other social problems such as mental and physical health. As a resu...
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	Figure 1. Social exclusion characteristics.
	In summary, although social exclusion and social disadvantage have shared indicators, social exclusion incorporates social disadvantage and accessibility, indicating social and civic participation as rights. Also, social exclusion accentuates quality...
	Characteristics of social exclusion. According to Room (1999), in comparison with poverty, social exclusion has five distinctive characteristics: multidimensional disadvantages, dynamic processes, a focus on community, relational dimensions of disadva...
	Second, social exclusion is a dynamic process. Room (1999) described the process of social exclusion as one that constantly threatens the relationship between individuals and society. According to Krishnan (2015), even though social disadvantage leads...
	When it comes to analyzing the dynamic process, studies dealing with poverty tend to examine the characteristics of elements of social disadvantage. However, studies on social exclusion identify factors that can trigger entry or exit from social disa...
	Third, social exclusion focuses on community aspects as well as individual ones. Room (1999) mentioned that conventional studies on poverty have focused on financial resources of individuals or households. However, insufficient or unsatisfactory commu...
	Fourth, social exclusion has relational aspects, such as inadequate social engagement, a lack of social integration, and diminished political power. According to social exclusion perspectives, society is a hierarchical status or a number of collective...
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	Importance of researching social exclusion/research gaps. The importance of social exclusion research is widely recognized and has been promoted internationally by prominent organizations like the United Nations (UN), the World Health Organization (WH...
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	Current Study Purpose and Objectives
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	Using data from the HRS, this study operationalized social exclusion and examined its effect on mortality among older adults in the United States by applying social exclusion domains and indicators informed by conceptual and empirical frameworks based...
	Research Questions
	To address those research gaps, this study addressed the following three research questions (RQs) using a sample of older adults in the HRS:
	RQ1. What are the measurement properties of the available social exclusion domains and indicators in terms of central tendency, variability, internal consistency, construct validity, and factorability?
	RQ2. Are social exclusion domains and indicators associated with mortality above and beyond the effects of material resources (e.g., the material resources domain vs. the health domain, income vs. other indicators)?
	RQ3. Does survival time differ by indicators of social exclusion?
	Chapter 2. Theoretical Framework
	This study drew on theoretical frameworks from the fields of sociology and public health. These theoretical frameworks incorporate various perspectives—multicultural, racial, individual, social, and the intersectionality of these—to explain social exc...
	The Social Exclusion Debate
	As elaborated earlier, various definitions and concepts have been proposed to better understand the problem of social exclusion in modern society. However, there is no formally established social exclusion theory. Cohen (2015) reported that there has ...
	In spite of diverse perspectives, theorists have found a middle ground. Cohen (2015) observed that social exclusion is associated with material deprivation, inadequate social participation, lack of human capital, and inadequate access to services. Soc...
	Cohen (2015) distinguished between two important social exclusion ideas: narrow (i.e., micro) and broad (i.e., macro). The narrow idea of social exclusion encompasses (a) the multidimensional nature of poverty and disadvantage, (b) the persistence of ...
	These various perspectives delineate important social exclusion characteristics. Although scholars’ descriptions of social exclusion differ, these debates do point to some common characteristics of social exclusion. Specifically, theorists have consis...
	Social Determinants of Health
	Social exclusion may have a negative effect on health and health outcomes, because it is based in discrimination and prejudice (Mays, Cochran, & Barnes, 2007). For example, discrimination and prejudice have been shown to negatively affect African Amer...
	According to Mathieson et al. (2008), the Social Exclusion Knowledge Network, established by the WHO, reported that there is a lack of empirical research focusing on the relationships between social exclusion and health inequalities. In the face of th...
	Note. SES = socioeconomic status.
	These explanatory models, across boundaries from micro to macro, emphasize multifactorial characteristics that lead to health inequalities. Individuals’ differing characteristics (e.g., SES, demographics) contribute to health inequalities (Mathieson e...
	Figure 2. Causal pathways based on social determinants of health and other explanations. Adapted from Social Exclusion Meaning, Measurement and Experiences and Links to Health Inequalities: A Review of Literature by J. Mathieson, J. Popay, E. Enoch, S...
	Conceptual Framework for the Present Study
	The conceptual framework of the present study is presented in Figure 3. The figure delineates relationships between domains/indicators of social exclusion and mortality and survival time, as defined by the SDH. Owing to the lack of social exclusion an...
	Per the B-SEM, social exclusion consists of 10 domains and 51 possible indicators. According to Scutella et al. (2009a), there are seven domains and 21 indicators of social exclusion. These relationships are considered to have a hierarchical structure...
	Figure 3. Conceptual framework for the present study.
	Chapter 3. Methodology
	This chapter discusses the methodology and the analytic approach for the present study, addressing the data source, the sample, measures and variables, and data analysis. This study used secondary datasets to address the proposed research questions.
	Data Source
	The HRS is a longitudinal panel study of more than 22,000 Americans who are 50 years of age or older; it has been administered every other year since 1992. The HRS is a nationally representative survey that collects information on many important varia...
	IRB protocol and obtaining data. A determination from the IRB of Not Human Subjects Research was obtained from the University of Maryland, Baltimore (see Appendix A: IRB Determination Letter). All data used in this dissertation were publicly available.
	Sample
	This study focused on older adults aged 65 years or older. There were several reasons for limiting the sample in this manner. As mentioned earlier, social exclusion among older adults may differ from social exclusion in other age populations as a resu...
	A preliminary analysis comparing younger (50–64 years) and older (65+ years) older adults is presented in the Appendix B. According to this preliminary analysis, there were differences between younger older and older older adults on nearly all of the ...
	Measures and Variables
	Dependent variables. As codified in the research questions, this study had two dependent variables: mortality and survival time. First, mortality status was measured as a dichotomous variable (0 = living, 1 = deceased). Mortality status variables were...
	Independent variables. The key independent variables were based on the B-SEM and the Scutella et al. (2009a) framework. According to these two frameworks, social exclusion includes several domains and indicators. However, those frameworks were created...
	Because of survey item variability, each indicator had unique scoring and ranges (Likert-type scale, continuous value, and dichotomous value). Original indicators consisting of continuous and dichotomous (or dummy) variables were used to conduct the C...
	Data Analysis
	In addition to data-cleaning procedures, preliminary analyses were conducted to assess the normality of data distributions and determine whether inferential assumptions were met for regression analysis. Univariate analyses were conducted and descripti...
	Descriptive statistics. Descriptive statistics were used to summarize sample characteristics and compare across the two parallel datasets. Chi-square tests and t tests were also conducted to examine differences between both datasets. Descriptive stati...
	An overview of the main data analysis. In line with the research questions, this study had three main data-analysis. Because the measure for social exclusion was created on the basis of two prevailing social exclusion frameworks, measurement propertie...
	To identify social exclusion predictors of mortality, a Cox regression was conducted. To shed light on the effects of domains on mortality, functional set analyses was used in the five separate Cox regression models. A functional set is similar to a g...
	To examine the effect of each indicator of social exclusion on survival time, a Kaplan–Meier survival analysis was conducted. Results of the survival analysis provided graphs that revealed differences in survival times among each indicator of social e...
	To examine empirical social exclusion indicators/domains and factorability, different types of correlation coefficients were used according to levels of measurement. Phi coefficient (r(: nominal and nominal), rank biserial (rrb: nominal and ordinal), ...
	An average inter-item correlation value was calculated to provide evidence of reliability. There are diverse ways to analyze internal consistency reliability (e.g., Cronbach’s alpha). Average inter-item correlation is one of those ways (Trochim, 2006)...
	To assess the construct validity and identify social exclusion domains, regression analyses were conducted with five conceptually relevant test variables: self-rated social status, loneliness, ongoing health problems, neighborhood social cohesion, and...
	To evaluate construct validity, five hypotheses were tested between five conceptual domains and their respective test variables. First, subjective social status was used, applying the hypothesis that the material resources domain would be more strongl...
	Second, loneliness was used to validate the social domain, using the hypothesis that the social domain would be more strongly associated with loneliness than would other domains. Loneliness was measured with a set of 11 questions (“How much of the tim...
	Third, a single-item measure of ongoing of health problems was used to evaluate convergent validity under the hypothesis that the health domain would be more strongly associated with ongoing health problems than would other domains. The item asked res...
	Fourth, neighborhood social cohesion was used, applying the hypothesis that the community domain would be more strongly associated with neighborhood social cohesion than would other domains. Neighborhood social cohesion was assessed with a four-item m...
	Finally, being threatened or harassed was used, applying the hypothesis that the personal safety domain would be more strongly associated with being threatened or harassed than would other domains. Being threatened or harassed was measured with a sin...
	Research question 2: Data analysis. To examine the relative effects of social exclusion domains and indicators on mortality, a Cox regression was conducted using the Cox regression model (also known as a “proportional-hazard model”). The Cox regressio...
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